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ABSTRACT

The objective of this thesis is to study the stabilization and synchronization of new
chaotics fractionals systems, where we proposed chaotic fractional systems in Caputo
sense. We have demonstrated that the behavior of these systems is chaotic using the
exponents of Lyapunov and confirmed their behavior using the 0-1 test. The stability
and synchronization of the proposed systems have also been studied using the adap-
tive control method which depends on the change of the chaotic system parameters at
each moment. We adopted during our solution to the fractional differential equations on
the Adams Bashfort Moulton method. In order to confirm the physical presence of the
proposed chaotic systems, we drew the electronic circuits representing them using the
Multisim program and compared the results obtained with those from numerical simu-

lations.

Keywords: chaotic dynamical systems, fractional order, adaptive synchronization,

lyapunov exponents, electronic circuit.
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RESUME

Lobjectif de cette thése est d’étudier la stabilité et la synchronisation de nouvelles sys-
temes fractionnaires chaotiques, ou nous avons proposé des systemes fractionnaires
chaotiques aux sense de Caputo. Nous avons démontré que le comportement de ces
systemes est chaotique en utilisant les exposants de Lyapunov et confirmé leur com-
portement en utilisant le test 0-1. La stabilisation et la synchronisation des systémes
proposées ont également été étudiées en utilisant la méthode de control adaptatif qui
dépend du changement des parametres du systeme chaotique a chaque instant. Nous
avons adopté lors de notre solutions des équations différentielles fractionnaires sur la
méthode Adams Bashfort Moulton. Afin de confirmer la présence physique des systémes
chaotiques proposées, nous avons dessiné les circuits électroniques les représentant a
I’aide du programme Multisim et comparé les résultats obtenus avec ceux issus de sim-

ulations numériques.

Mots clés: systéemes dynamiques chaotiques, ordre fractionnaire, synchronisation adap-

tative, exposants de lyapunov, circuit électronique.



K2
0‘0

ACKNOWLEDGMENTS

First of all, we thank God almighty and we praise him that we have succeeded in com-
pleting this humble work. We thank him for giving us strength, patience, patience and
patience. We ask God Almighty to accept him from us exclusively for his gracious face.
Great thanks for:

- Doctor HANNACHI Fareh, who often served as the big brother and who worked that
this thesis being good, through his continued guidance and encouragement.

- Professor BOUMAZA Nouri from the university of Tebessa who agreed to be the chair-
man of the discussion committee.

- Doctor GASRI Ahlem, the examiner of this thesis from the university of Tebessa who
accepted the evaluation of the work contained in this thesis.

- Professor SAOUDI Khaled, the examiner of this thesis who came from the university of
Abbes Laghrour Khenchela and who accepted the evaluation of the work contained in
this thesis.

- Professor MERAD Ahcene, the examiner of this thesis who came from the university
of Larbi Ben M’hidi Oum EL Bouaghi and who accepted the evaluation of the work con-
tained in this thesis.

- All professors formed the CFD who gave us the opportunity to be among doctors of
mathematics headed by professor Salem ABDEDELMALEK.

- Professor Hakim BENDJENNA head of laboratory of mathematics, informatics and sys-
tems (LAMIS) who ensured all facilities for the preparation of the doctoral thesis in an
appropriate condition.

- For all members of department of mathematics and informatics, faculty of exact sci-

ences and nature and life sciences, university directorate’s department of post-graduation,

vi




K2
0‘0

as well as the rector at of the university, in view of their efforts with us throughout our
doctoral career.

- Professor ABDELOUAHAB Mohammed Salah from the University Center of Mila who
has been and continues to follow my formation by providing advice and guidance when
necessary.

- Professor HALIM Yassin from the University Center of Mila to follow my formation by
providing advice when necessary.

- Professor Nasr-eddine HAMRI, head of the laboratory MELILab, who give me a permis-
sion to enter to the laboratory and contact professors and colleagues from the university
center of Mila.

- All the teachers who contributed to my formation from my first day at school.

- To my family for the support they have given me throughout my formation.

- To all my friends and colleagues who have always supported me.

Rami AMIRA

vii



DEDICATION

To everyone who is interested in

this work

Rami AMIRA

viii




LIST OF PUBLICATIONS

1. Amira, Rami, and Fareh Hannachi. "Dynamic Analysis and Adaptive Synchroniza-
tion of a New Chaotic System." Journal of Applied Nonlinear Dynamics 12.04 (2023):
799-813.

2. Amira, Rami and Fareh Hannachi. "A Novel Fractional-Order Chaotic System and
its Synchronization via Adaptive Control Method. "Journal of Nonlinear Dynamics

and System Theory". 23.04 (2023): 359-366.

3. Amira, Rami, et al. "Nonlinear dynamic in a remanufacturing duopoly game: spec-

tral entropy analysis and chaos control." AIMS Mathematics 9.3 (2024): 7711-7727.

ix



CONTENTS

Abstract
List of publications
General Introduction

1 Introductory notions on fractional derivatives

1.1 Some special functions of fractional calculus . ... ... .......
1.1.1 Gamma function . . . . . ... ...
1.1.2 Betafunction. . . . . ... ... L
1.1.3 Mittag-Leffler function . . . . ... ... ... ... ... .....

1.2 The Laplace transform . . . . ... ... ... ... ... ... ......

1.3 Definitions of some fractional order derivatives and integrals . . . .
1.3.1 Derivation and integration in the sense of Grunwald-Letnikov
1.3.2 Derivation and integration in the sense of Riemann-Liouville
1.3.3 Derivation and integration in the sense of Caputo . ... ...

1.4 Some general properties of fractional integrals and derivatives . . .

1.5 Fractional differential equations in the sence of Caputo . . ... ..
1.5.1 Existence and uniqueness of solutions . .. ... ........

1.6 Analytical solution of linear fractional order differential equations .

iv

ix



“*CONTENTS

1.6.1 One dimentional linear cases with application. . . . ... ... ... ..
1.6.2 Multidimentional linear cases with application . .. ... ... ... ..
1.7 Numerical solution of fractional differential equations . ... ... ... ...

1.7.1 Adams Bashfort Moulton algorithm ( ABM) with aplication . . . . . . .

2 Notions of fractional dynamical systems and its chaos detection
2.1 Definition of dynamical system . . . ... ... ... ... ... ... ......
2.2 Stability of equilibrium points . . . . . ... ... ... L o
2.2.1 Stability of linear system of FDE . . . . . .. ... ... ... .......
2.2.2 Stability of nonlinear system of FDE . ... ... ... ..........
2.3 Generalized Mittag-Leffler stability . . . .. ... ... ... ... ........
2.4 Fractional Lyapunov direct method using the class- K functions .. ... ..
2.5 Lyapounov candidate functions for stability of fractional order system. . . .
2.6 Detection Of Chaos . . . . . . . . . . . . e
2.6.1 History and developmentofchaos . . . ... ... ... ..........
2.6.2 Definitions, properties and chaos transition scenarios . . . . ... ...
2.6.3 Lyapunov Exponents . . . ... ... ... ... e
2.6.4 Spectral Entropy Analysis . . ... ... ... .. ... oL
2.6.5 TheO-Ttest . . . . . . .. . . . . e

3 Methods of synchronization of fractional dynamical systems
3.1 Definition and different methods of synchronization of FOS . . . ... .. ..
3.1.1 Intuitive definition of synchronization. . . . ... ... ... .......
3.1.2 Mathematical definition of synchronization .. ... ... ........
3.2 Some type of synchronizaion . .. ... ... ... ... .. ... .. ... ....
3.2.1 Complete synchronization or Full synchronization . ... ... ... ..
3.2.2 Antisynchronization . ... ... ... ... ... ... ... . .. .. ...
3.2.3 Delayed synchronization . . . . . ... ... ... .. ... ... ...,
3.2.4 Projective synchronization .. ... ... ... ... ............
3.2.5 Generalized synchronization . ... .. ... ... ... ..........
3.2.6 QS synchronization ... ... ... ... . ... .. .. ... ... ...

3.2.7 Adaptive synchronization ... ..... ... ... ............

36
37
38
39
39
44
46
49
55
55
56
58
63
64

xi



“*CONTENTS

3.2.8 FSHPS synchronization . . .. ... ... ... ... ............ 76
3.2.9 IFSHPS synchronization . .......................... 77

4 Stabilization and synchronization via adaptive control with circuit design

of some fractional chaotic systems 82
4.1 Study of the new 3D chaoticsystem . . . .. ... ... .. ... ......... 83
4.1.1 Description of the new 3-D chaoticsystem . . . . ... ... ....... 83
4.1.2 Elementary properties of the new chaotic system . .. ......... 84

4.2

4.3
4.4

4.1.3 Comparison of the new proposed system with thirty other chaotic sys-

4.1.4 Dynamic analysis of the proposed system . ... ............. 89
4.1.5 Identical Adaptive synchronization of the proposed chaotic systems . 92
4.1.6 Circuit design of the proposed integer chaotic system . . . . . ... .. 96
Extension to fractional case with stabilization via adaptive control and cir-

cuitdesign . . . . . . e e e e e 100

4.2.1 Commensurate and incommensurate necessary conditions for exist-

ingchaos . . . ... . . . . e 100
4.2.2 Stabilisation of the novel fractional system via adaptive control . .. 102
4.2.3 Circuit design of the proposed fractional chaotic system ... ... .. 104
Hyperchaotic integer system and its circuit design . . . ... ... ... ... 105

Extension of the hyperchaotic system to fractional case with stabilization
via adaptive control . . . . . .. ... 112

4.4.1 Stabilisation of the novel fractional hyperchaotic system via adaptive

control. . . . . . .. e e 113

4.5 The novel Fractional Order Ma System and its circuit design . . . . ... .. 116
4.5.1 Adaptive synchronization of the novel system . . . ... ... ... ... 118

4.5.2 Numerical simulation. . . ... .. ... ... ... ... ... ... ..., 122

4.5.3 Circuit design of the proposed chaotic system . ... ... ... .. .. 123
General Conclusion and Perspectives 126
Bibliographie 128

xii



1.1
1.2
1.3

2.1
2.2

4.1
4.2
4.3

4.4

4.5

4.6

4.7
4.8

LIST OF FIGURES

graphical representation of the functiongamma . ... .. ... ........ 3
graphical representation of the function of Mitag-Luffler . . . . ... ... .. 6
Strange attractor in the plane of (1.143). . .. ... . ... ... ... ..... 34
Stability region of FOS . . . . . . . . . . . . .. .. 40
Evolution in time of the states x;,x, and x; of the system (2.71). . . . ... .. 54
Strange attractor and projection in (x; — x;) plane of (4.1). . . ... ... ... 83
Projection in (x; — x3), (xp —x3) planesof (4.1). . . . . . . . . . . ... ... .... 84

Evolution of (LE;,i = 1,2,3) in times; plot of the rate K- vs C through the
correlationmethod. . . . . . . . ..o 85
Evolution of (LE;i = 1,2,3) in times; Plot of the rate Kc vs C through the
correlation method. . . . . . . . . ... 86
Brownian-like trajectories are displayed in the plane (p—g); the novel chaotic
system (4.1) depict a higher sensitivity to initial conditions. . ... ... ... 86
Comparison of the proposed system and thirty other systems . .. ... ... 89
The transition to chaos by period doubling where ¢ = 35, 2 = 10, and varying b. 90
The transition to chaos by period doubling where ¢ = 35, a = 10, and varying b. 91

xiii



«LIST OF FIGURES

4.9 LLEs and bifurcation diagrams of (4.1) at initial values (v1(0); v2(0); v3(0)) =
(1,2,40) withrespecttoa . . . . . . . . . . . . . ...
4.10 LLEs and bifurcation diagrams of (4.1) at initial values (v1(0);v,(0); v5(0)) =
(1,2,40) with respect to b . . . . . . . . . .. e
4.11 LLEs and bifurcation diagrams of (4.1) at initial values (v1(0); v2(0); v5(0)) =
(1,2,40) withrespecttoc . . . . . . . . . . . . e
4.12 (a) Evolution in time of the synchronization errors states between (4.16)
and (4.17); (b) synchronization between vy(t) and wy(t). . ... ... ... ...
4.13 (a) Synchronization between v,(t) and w,(f); (b) synchronization between
v3(t) and wa(f). . . . . e e e e e e e e e e
4.14 Cicuit design in multisim of the proposed chaotic system (4.1) . . . . .. ..
4.15 Comparison of the resault obtained from numericall simulation and cicuit
design in multisim of the proposed chaotic system in x;x, plane . . . . . . ..
4.16 Comparison of the resault obtained from numericall simulation and cicuit
design in multisim of the proposed chaotic system in x;x; plane . . . . . . ..
4.17 Comparison of the resault obtained from numericall simulation and cicuit
design in multisim of the proposed chaotic system in x,x; plane . . . . . . ..
4.18 Evolution in time of the fractional chaotic system (4.37) .. ... ... ...
4.19 Chainshipunitofg=098 . . ... ... ... ... ...

4.20 Cicuit design in multisim of the proposed fractional chaotic system for

4.21 Comparison of the resault obtained from numericall simulation and cicuit
design in multisim of the proposed fractional chaotic system in x;x, plane
forg=098 . . . . e

4.22 Comparison of the resault obtained from numericall simulation and cicuit
design in multisim of the proposed fractional chaotic system in x,x; plane
forg=098 . . . . e

4.23 Comparison of the resault obtained from numericall simulation and cicuit
design in multisim of the proposed fractional chaotic system in x;x; plane
fOr =098 . . . . i

4.24 Projection in (x; — x4) and (x1» — x4) plane of (4.57). . . . . ... ... ... ..

Xiv



«LIST OF FIGURES

4.25 Projection in (x; — x4) plane and Lyapunov Exponents of (4.57). . . . . .. .. 108
4.26 Cicuit design in multisim of the proposed hyperchaotic system . ... . .. 110
4.27 Comparison of the resault obtained from numericall simulation and cicuit
design in multisim of the proposed chaotic system in x;x, plane . . . . .. .. 111
4.28 Comparison of the resault obtained from numericall simulation and cicuit
design in multisim of the proposed chaotic system in x,x, plane . . . . . . .. 111

4.29 Comparison of the resault obtained from numericall simulation and cicuit

design in multisim of the proposed chaotic system in x;x, plane . . . . . . .. 111
4.30 Evolution in time of the LEs of the fractional chaotic system (4.57) . ... 113
4.31 Lyapunov exponents and 0-1 test for Masystem ... ............. 117
4.32 Attractor of Ma system and projection in vyv, plane . ... ... ... .... 117
4.33 Projection in v1v; and v,v; plane of Ma system . . . . ... ... ..o L. 118

4.34 Evolution in time of parametre 4 and b versus the largest Lyapunov Expo-

4.35 Evolution in time of parametres a and the order g versus the largest Lya-
punov Exponent . . . . . .. ... e e e e e e e e 119
4.36 Synchronization between v;,w;,i=1,2.. . ... ... ... .. ... ... ..., 122

4.37 (a) Evolution in time of the synchronization between v; and y; (b) Evolution

in time of the synchronization errors €(t);ex(f);es(t)and . . . . . .. ... ... 122
4.38 (a) Evolution in time of parameters estimation. . . ... ... ... ...... 123
4.39 Cicuit design in multisim of the proposed chaotic Ma system . . . . . .. .. 124

4.40 (a) Comparison of the resault obtained from numericall simulation and ci-

cuit design in multisim of the proposed chaotic system in v,v, plane . . . . . 125
4.41 (a) Comparison of the resault obtained from numericall simulation and ci-

cuit design in multisim of the proposed chaotic system in v,v; plane . . . . . 125
4.42 (a) Comparison of the resault obtained from numericall simulation and ci-

cuit design in multisim of the proposed chaotic system in v,v; plane . . . . . 125

XV



GENERAL INTRODUCTION

Chaotic system is deterministic which means that is completely determined by the equa-
tions formed the states, its parameters, and initial conditions. At the same time, he
have the property of sensitivity to initial conditions, the anti interception capability and
the unpredictability in long term. It is therefore simple to produce and duplicate. The
chaotic signal is a very interesting area in the study of chaos application because of its
randomness, unpredictability, complexity, wide frequency band character, determinis-
tic parameters and simple for the implementation. Furthermore, chaotic systems are
one of the most powerful crypto-systems used in secure communications [15, 7], with
researchers seeking to construct new chaotic systems that are constantly powerful in
encryption, which has a large Kaplan-York dimension and a large bandwidth, the sys-
tems that have the largest dimension of Kaplan-York are the systems that have the more
complex behavior than the others and are stronger for encryption [15]. Many chaotic
systems have been proposed by researchers for use in data encryption, including [52, 5],
researchers did not stop there, but rather used fractional calculus in secure communi-
cation and encryption and this for its strength compared to ordinary derivatives. Over
the last three centuries, researchers interest in fractional calculus has increased con-
siderably, this is for its different applications [42]. The most famous definition are Ca-
puto and Riemman-liouville [43]. In 1990, Pecora and Carroll introduced the notion of

chaotic synchronization [41], the secret to achieving chaotic security communication is
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“*GENERAL INTRODUCTION

the synchronization. The method of chaos synchronization proposed by Pecora and Car-
roll did not cease at chaotic systems with integer orders, but they extended to chaotic
systems with fractional orders. different schemes of chaos synchronization have been
devlloped for integer-integer order chaotic systems, fractional-integer order chaotic sys-
tems, fractional-fractional order chaotics ystems in same or with different dimensions.
The synchronization depends on many control methods, among these methods we have:
active control [27], passive control [54], adaptive control [2], fuzzy control[60], slid-
ing mode control [24], state observer method [33] and backstepping control [57], each
method is used in appropriate case as needed. In recent years, several fractional chaotic
systems are studied and used in control and synchronization in different research pa-
pers. In our work we aims to enrish the list of fractional chaotic systems by some ones in
order to use them in the future in the process of cryptography or the securisation of data.
Indeed, we present two new chaotic systems in dimensien three and one hyperchaotic
system in dimension four , a detailed dynamic analysis has been carried out of the first
proposed chaotic system, the chaos in the system is detected throught the spectrum of
lyapunov and also bifurcation diagrams. Additionally, in aim to see the advantage of
the proposed system we have make a comparison with thirty other chaotic systems via
Kaplan-York dimension. Also, adaptive synchronization is used to implement an identical
synchronization. Furthermore, an extension to fractional cases of the proposed systems
was performed by showing that the chaotic systems in the fractional case is also exhibit
the chaotic behavior. Therefore it is ready for use in secure communications schemes.
As an application of the three proposed fractional systems, we shall implement in Mul-
tisim the electronic circuits for each one of them to show that the proposed systems are
physically realizable through a comparison of numerical simulation results and Multisim
results [4, 5].

This thesis is organized as:

the first chapter is devoted to present some of the basic tools of fractional calculus in-
cluding the special functions, fractional differential equation and numerical method to
solve them. The second chapter is devoted to recall necessary definitions on fractional
dynamical systems, stability, chaos detection in chaotic systems including Lyapunov ex-

ponents, 0-1 test and spectral entropy analysis. In the chapter three, we give some def-

xvii
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initions about synchronization methods of fractional dynamical systems including com-
plete synchronization, anti sytnchronization, projective synchronization, delayed syn-
chronization, adaptive synchronization, generalized synchronization, Q-S synchroniza-
tion, FSHPS and IFSHP synchronization. The chapters four are deals to study of integer
and fractional chaotic dynamical systems with implementation of its electronic circuits
design using Multisim software. A general conclusion and perspectives are given in the

last.

xviii



CHAPTER 1

INTRODUCTORY NOTIONS ON
FRACTIONAL DERIVATIVES

Fractional calculus was formed based on two functions which are gamma and Mittag-
Luffler, we introduce in this chapter these two functions and we will give a brief introduc-
tion to fractional calculus. This chapter seeks also to define the fundamental fractional
derivatives in the senses of Grunwald— Letnikov, Riemman-Liouville and the Caputo
sense which will be taken in more detail than the others since it is the definition that we
use in the application chapter. At the last Adamd Bashfort Moulton method is given to

solve fractional differential equation.

1.1 Some special functions of fractional calculus

1.1.1 Gamma function

Gamma function is one of the basic functions in the fractional calculus that generalize

the factorial (m!) from integer to take non-integer and also complex numbers.

1



“CHAPTER 1. INTRODUCTORY NOTIONS ON FRACTIONAL DERIVATIVES

We recall in the present section some properties of gamma function that are very impor-

tant for demonstration or calculations [42, 43].

Definition 1.1.1. For all { € C where Re(C) > 0. Euler’s Gamma function noted by T'(() is
defined by:

r'Q) = f ) et Lt (1.1)
0

Remark 1.1.1. We take Re(C) > 0 due to the integral in (1.1) is absolutely converge on
the complex half-plan.

Here we mention some properties of gamma function.

1) As a fundamental propertie, gamma function satisfies the equation:
IC+1) = CI(. (1.2)
Proof. The equation ( 1.1) can be proven by integration by parts as follow:
+00
f et thdt
0

[-e "5 + C f ) et ldr
0
C T(0). (1.3)

T(C+1)

2) Gamma is considered as a generalization of the factorial m! : it is clear that T'(1) =1 we

use the relation ( 1.3), we can get by induction for { = 1;m that:

I'(2) = 1T(1) = 1,
r'3) = 2T(Q) = 2(1)=2,

r(4) = 3T(3) = 3@Q)=3,

I(5) = 4T(4) = 4(3)=4, (1.4)
L(m) = m-1)Im-1) = (m-1)(m-2)!=(m-1),

T(m+1) = mT(m) = m(m-1)!=m.
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We can extend I'({) in case when ( is negative. Indeed, by substitution in relation ( 1.1)

we get:
rQo = @C-re-1ny= rc-1ny = A<l-1<0
rc-1) = C-2rCc-=  I(C-2) = &P 2<C-2<-1,

by induction we obtain:

F(C):@ -m<({<—-(m-1), (1.6)

as a consequence gamma function id defined by formula (1.1) for all negative values
except —m, m € N".
3)At C = % the equation (1.1) give us a very useful value: I‘(%) = +/m.

To understand the gamma function we have the presentation in the plane as we see

in figure (1.1).

10

Figure 1.1: graphical representation of the function gamma
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1.1.2 Beta function

Sometimes we encounter values that are combinations of the values of the gamma func-

tion, it is preferable to utilize the beta function instead of the complicated combination.

Definition 1.1.2. [42, 43]
The function g is defined by:

1
B 0) = fo 111 = )0 1dr ,(Re(C) > 0,Re(6) > 0). (1.7)

1) Beta function have the symmetric propertie, ie: B(C, 0) = B(C, 0).

2) There is a link between the two functions of euler gamma and beta, this link is given by:

I'(OT(6)

T(C+0) NGO #-1,-2,-3,---. (1.8)

B(C, 0)

1.1.3 Mittag-Leffler function

The exponential function  — ¢° play an important role in resolution of ordinary differen-
tial equations. As a consequence, we need to generalize trigonometric and exponential
functions and use them in the process of resolution, this is the main role of Mittag-Leffler
function. This function is used to give an explicit expression of the solution. Also, this
function has been introduced by Mittag-Leffler and it is considered as a generalization

of one parameter of the exponential function.

Definition 1.1.3. The function of Mittag-Leffler is defined by:

v ¢
E Q) = ;m (CeC ,Re(a) > 0). (1.9)

Indeed, for a = 1,2, we have:
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E1(Q) = ¢, Ex(Q) = cosh(+/0). (1.10)

Definition 1.1.4. The mettag-Leffler function is generalized in two parameters by the

following formula:

Eap(Q) = kz__:: Tak+p) (C,B € C,Re(a) > 0). (1.11)
Indeed, if we put g =1 in the formula (1.11), we obtain the formula (1.9) as follow:

Ea,l(C) = — F(ak+ 1)

=E.Q) , (C € C,Re(a) > 0). (1.12)

Some particular cases can results from the formula (1.11) as follows:

3 o O
En@ = 2r<k+1 :2?: g

Fial0) = ; Tk+2) Z (k+D! %2 (kC-k:)! B ecc_l’
Eim(@) = C,,L [e¢ - kz_j i—’;]. (1.13)
Also we have :
F2(0) = Sinjz(C),,
En(@ = ki o = kif C = cosh(0)
Ean(3?) = }2% = :O % (sz:ll)! = sz(o (1.14)

We can see in the figure (1.2) the relevent behavior of the Mettag-Leffler function for

one and for two parameters.
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(a) (b)
4 T T T 4 T T T T
—o=1 —o=1, B=1
31 a=2 37 a=2, p=1
a=4 a=2, f=2
2H—a=5 1 2 = a=1.414214e+00, #=1.300000e+00
. a=10 < —a=10
< =
= < 10
s 1 x 1 /
L 3
Vi ¥ )
0 0
1 1
2 . . . . . 2 . . . . .
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¢ ¢

Figure 1.2: graphical representation of the function of Mitag-Luffler
1.2 The Laplace transform

It is simpler to solve linear differential equation with initial conditions when we trans-
form them into algebraic equation through the Laplace transform. So, the Laplace trans-
form involve changing the differential equation from the time domain to the Laplace
domain, where operations like differentiation and integration become algebraic opera-
tions. Furthermore, in the circuit analysis when the circuit contain resistors, capacitors,
inductors, and other components,the Laplace transform is widely used. It makes the dif-

ferential equations arising from circuit analysis easier to solve.

Definition 1.2.1. Let ¢ a function of real variable t € R* and of exponential order a, we

mean by ¢ of exponentaial order a that:
AM, T : e “tlp(t)| <M ¥Vt >T, (1.15)

in other words the equation (1.15) mean that ¢ must grow faster than a certain expo-
nential function when t — oo.

The Laplace Transform of the function ¢ is given by the function ® as follow:

@) = Lio(t),s} = f+°° ep(t)dt, ,seC, (1.16)
0

note that the integral in equation (1.16) exist if ¢ is a of exponential order a.
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We can switch between a function ¢ and its Laplace transform ® with the inverse Laplace

transform given by:

o) = LOE),H = o f U seeds (= Re) > &), (1.17)
)/

21 Jyieo
where &j is the index of the convergence of the integral in the equation (1.16).
To recall, the Laplace and its inverse transform are linear, indeed Vo, e R :
L{ag(t) + py(t), s} = aL{¢(t),s} + BL{Y (), s} = ad(s) + Y (s). (1.18)
L™ Had(s) + BY(s), t} = aL™H{D(s), t} + BLTH{W(s), t} = ac(t) + B(t). (1.19)

In some fractional integrals we need the convolution product of two function ¢ and ¢

which is defined by:

f t
o(6) () = fo ot - D()dr = fo St — DT = P() * (D). (1.20)

Now, assume that ®(s) and W(s) exists. We give The Laplace transform of the convolution

product of ¢ and ¢ as the form:
L{gp@®) = (1)), st = D(s)¥(s)- (1.21)

The derivative of an integer order m of a function ¢ has the Laplace transform defined

by:

3
-

Lg"(®),s) = $"D(s) - ) sk FD(0). (1.22)
0

o~
Il

The next part is devoted to a brief reminder on the theory of fractional calculations. By
introducing some properties and definitions of fractional order integration and deriva-
tion operators. We focus more on fractional derivative in the sense of Caputo that will

be used in the future chapters.
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1.3 Definitions of some fractional order derivatives and
integrals

The derivation and the integration of fractional order has several definitions, it is a very
large domain, in this work we are not interested in the creation of a new definition or
to develope one of the exists definitions, just we are using some exists definitions, the
reader who wants to take a deep view and deep details is invited to consult the references
[42, 43]. In the present section we will introduce the most used fractional derivatives
with some proprieties. More recently, the derivative of Grunwald- Letnikov, the deriva-
tive of Riemman-Liouville and the derivative of Caputo that we will used in this work.
The definition of fractional approach can be given in two main approaches, the first gen-
eralize the idea that differentiation and integration are limits of finite differences like
the definition of Griunwald-Letnikov, a convolutional representation of repeated inte-
gration is used in the other generalized method like the Riemann -Liouville and Caputo

approach.

Remark 1.3.1. In this thesis we shoose the notation in Podluby Igor [43] as in the

following:
%, qg>0
D] = 1, =0 (1.23)
fat 9, <0,

where an refers to the derivative operator of order g, a and t are the lower and upper

limits of that operator, respectively.

1.3.1 Derivation and integration in the sense of Grunwald-Letnikov

Grunwald-Letnikov method involves expressing the iterated integral (—g) times if g is
negative and the integer derivative g if g is positive of a function ¢. The definitions of
integral and derivative in the context of Griinwald-Letnikov are provided in this section.
Let ¢ be a continuous function, so we can define the first derivative of ¢ by:
’ dop
o't = i lim

h—0

<P(t)—f(f—h), (1.24)
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now, we apply this definition again but on ¢’ , we obtain the second order derivative:

won B @B —¢'(t—h)
IR e
1) =Pt —h) Pt —h) = Pt —2h)
- %TSE[ 7 - 7 | (1.25
L QO 2206 =B + 9t =2
h—0 hZ
from (1.24) et (1.25) we get:
B P(t) = 3p(t — h) + 3P(t — 2) — (¢t — 3h)
o) = —z =lim e , (1.26)
d"d 1w« m
(m) G il _1) _
o = —o —g&hm;}g R I (1.27)

for a positive value of m, the binomial coefficients with alternating signs are defined as:

m B m! _mm=1)(m-2)---(m-k+1)
r |l Km=kr k! ’ (1.28)
when m has a negative value, we have:
—m _ -m(-m—-1)(-m—=2)---(-m—-k+1) _ (_l)km(m+1)-~-(m+k—1) ~ (1) m
k! k! ’
k k
(1.29)
if we replace —m in (1.27) for m, we get:
a-m 1 v |m
= &M () = im — -
00 = 670 = lim ; |-k men, (1.30)

based on equations (1.24)—(1.27), the definition of the fractional derivative of order g
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where (7 € R*) can be expressed by the following equation:

1 m
DI(t) = }E&E%H)k Z P(t — Kkh). (1.31)

The relation between Euler’s gamma function and factorial is used to calculate the

binomial coefficients:

q q I'(g+1)

v | RG=R T Th+ DI —k+1) (1.32)

and v =1.
0

In equation (1.31), if m = t_Ta,a € R, so one can write the Grunwald-Letnikov fractional

derivative of a function ¢ by:

DIp(t) = lim 1

lim — o(t — k), (1.33)

i gt
= et
T
—
=z

p ] design the integer part of Ta

Remark 1.3.2. It is clear that the derivative of integer order of a constant Cst is zero,

where [t

unfortunately the derivative of Griinwald-Letnikov lose this important properties.

Indeed:

Let ¢(t) = Cst and q not integer, we have f®(t) = 0 for k = 1;m but in the fractional case

we have:

m—1 (k)
SDIg(t) }: D s

t
f (t — )" T 1o (1)dt

= T(k—gq+1) T(m - q)
_ Gstt-a oY) - gl ()
- T(-9g) +k:1 F(k—q+1)(t_a) ! I( _q)j;(f—T) o™ (n)dT
=0 =0
_ Cst(t—a)™
T T1-g9) (1.34)

10
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Laplace transform of the fractional derivative of Griinwald-Letnikov:

Let ¢ be a function with its Laplace transform ®@(s), for 0 < 4 <1 we have:

G _ o0 1 ' o
OD?(P(t) - 1"(1 _ q) + 1—'(1 _ q) L(t - T) qu (T)dT/ (1.35)
then
0
LEDIo1E) = B + L js06) — 9(0) = 5. (1.36)

1.3.2 Derivation and integration in the sense of Riemann-Liouville

We can devide this approach into some parts, integral, derivative, properties, and Laplace
transform, we start by the definition of the integral as follows:

1) Fractional order integral:

In order to extend the notion of m—uple integration of an integrable function ¢ to non-

integer values m, we can start from the Cauchy formula:
1 ' .
ﬂDt qf)(t) = m L (t - T) (P(T)dT, (137)
we replace the integer m with a real g4 we get:
R 1 t 1
aD_q t =—f t— 1)1 o(1)dT. 1.38)
00 = 105 | =076 (

The integer m in ( 1.37) must verifie m > 1, this condition becomes weak for m in ( 1.38),

for the existing integral of Riemann-Liouville ( 1.38) one must have g > 0.

Proposition 1.3.1. Let ¢ a continuous function and q > 0, we have:

imGD61) = ). (1.39)

Proposition 1.3.2. Let ¢ € C[a,b]),q1 > 0,42 > 0 then the integral of Riemann-Liouville

has the property of the semi-group as follows:

RD;mRD () = RD; ™ Pgt) = RD;*RD, " o(1). (1.40)

11
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Proof.

By definition we have:

th_‘h (EDt_‘hqb(t)) — F(q f(t T)Kh 1(RD qu(’l' )d’f
= e ), ¢ e, an
using Fubini theorem, we get:
t ¢
SO G0 00) = s [ e [ - om e -, (1.42)

in order to calculate the integral from x to ¢, we can put 7 = x + y(t — x),

thus t — 7 = (t - x)(1 — y), then:

t 1
[t —aptae = mapet [Ca gty
X

(t =)+ B(g1, 42)

r
= (t-x)Pen 1—r§2)+(;’3 (1.43)
then
KD, ED, " (t) = OS] +q2) f x) 1L (x)dx = RD (), (1.44)
we can interchange g; and g, we obtain:
+D; (Do) = 1D, " = [ (D" (1), (1.45)
[

2) The fractional derivative in the sense of Riemann-Liouville:
The fractional derivative in the sense of Riemann - Liouville of order q > 0 of an integrable
function ¢ is given for all m —1 <y <m by:

am
d tm

= F(m ) ;% f (t — 7)™ T Dep(r)dr. (1.46)

KDI(b) ED; " V(1)

12



“CHAPTER 1. INTRODUCTORY NOTIONS ON FRACTIONAL DERIVATIVES

o If 4 = m -1 then we have a conventional order derivative m — 1:

— d —(m— m
DPe = Sn DT ()
— dar R
= gl 90

= " . (1.47)

3) Some properties of derivative of Riemann-Liouville:

1. For 4> 0 and t <a we have:

RDIED o) = (). (1.48)

2. IfRDVo(t), (n — 1 < p < n) of ¢(#) is integrable then:

k
RDIEDlo() = (1) - Z[RDq o)) ar( 73+ FokeD 170t (1.49)

3. The derivative of order m in the sense of fractional Riemann-Liouville of order g for

any m € IN* is given by:

dtm TEDIpE) = R0, (1.50)

but the fractional derivative of ordre g of the derivative of order m of a function ¢

is given by:

m=1 (k) _ \k—g-m
_ Ryt N QU@ —a)
(dtmqb(t)) = D) ;?:o Tt 1—qg=m)" (1.51)
so the fractional derivative operator ®D! of Riemann-Liouville commutes with - if

and only if
»®(a) = 0, (k=0;m—1). (1.52)

13
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Remark 1.3.3. Similarly with the fractional derivative of Griinwald-Letnikov, the
derivative of a constant function ¢(t) = Cst in the sense of Riemann-Liouville is not
zero and also not constant. Hence, we have:

_ Cst(t—a)™

RDig(t) = Ta-q (1.53)

4) Laplace transform of the derivative in the sense of Riemann-Liouville:

In particular, we can express the fractional integral of Riemann-Liouville as the convo-
q-1
lution product of the function y(t) = lt“(_q) and ¢(t),

we have

t
Dlp(t) = %q) fo (t — 1) ' p(v)dT
= %@(tqlw(t)), (1.54)

remember that the Laplace transform of (t) = % is given as follow:

1
WY(s) = L{Tq),s}ﬂ‘q, (1.55)

using the Laplace transform of the convolution product of two functions given in (1.21),
we get the Laplace transform of the fractional integral in the sense of Riemann-Liouville

by:
Li¥DIo(t), s} = s71D(s), (1.56)

also we can get the Laplace transform of the fractional derivative of the sense of Riemann-

Liouville of the function ¢(#), putting XDp(t) = ¢ (¢) then:

1
I'(m - q)

Y(t) = RD " Dgp(t) = f (t —1)" T p()dr, (m—1<q<m), (1.57)
0

we can use the formula in (1.22), we obtain:

3
-

LEEDI¢(t), s} = s"W(s) - ) sk *D(0), (1.58)
0

o~
Il

14
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where

W) = sTmDa(s), (1.59)

from the definition of fractional derivative of Riemann-Liouville, we get:

dmfkfl
dtm—k—l

l,b(m_k_l)(t) — OD;(m_q)qb(t) — gD?_k_lqb(t)/ (160)

substituting (1.59) and (1.60) in (1.58). We can get the final expression of the Laplace

transform of Riemann Liouville fractional derivative as:

3
-

LEDIp(t),s) = 7 D(s) — Y s RDI*  Dp(t)lico, m—1<q<m. (1.61)
0

o~
Il

5) Relation between the fractional derivative of Riemann-liouville and the frac-
tional derivative of Griinwald-Letnikov:
Assume that ¢ € C", then by making integrations by parts and repeated differentiations

we get:

1
I(m—q)

ml b
aDjo(b) = Z r(k¢ @ (t—a)7+

t
_ \m—q=1 1 (m) _ D
L Tk-q+1) fg(t 0" (DdT = Do (), (1.62)

in this case the Griinwald-Letnikov approach and the Riemann-Liouville approach are

equivalent.

1.3.3 Derivation and integration in the sense of Caputo

The definition of Caputo for the fractional derivative is widely used in the literature be-
cause of its interesting properties headed by the derivatives of a constant that is cenven-
able with the integr case, this propertie make this aproach faster to aplicate in math-
ematical modeling. We give here the definition, some properties, laplace transforme,

relation between caputo and Riemman-liouvill aproach.

15
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Definition 1.3.1. Let ¢ € C"([a,b]),q > 0 ; the fractional derivatiove of a function ¢ in the

sense of Caputo is defined by:

—neay, d™
aDt( Q)(qu(t))

1 [
= Tn=gJ, G (1.63)

Do)

where m—-1<g<mand t > a.

1) Relation between the fractional derivative of Caputo and the fractional
derivative of Riemann-Liouville :

The fractional derivative of Caputo and that of Riemann-Liouville are related by the

formula:
R v %@ )
<Dlo(t) =aD?¢(t)—Z m(f—ﬂ) -, (1.64)
=0

2) Some properties of the fractional derivative in the sense of Caputo:

We give in the following some properities of fractional Caputo aproach.

Properties 1.3.1. Contrary to the fractional derivative of Griinwald-Letnikov and
Riemann - Liouville, the derivative of a constant function ¢(t) = Cst of Caputo is null.

This property is a strength for the fractional derivative to the sense of Caputo since

the other definitions of fractional derivatives lose this property.

Proof. if ¢(t) = Cst then ¢p(t) = 0 then

1 ¢
Crlat — _
. D;Cst = F(m—q)fu (t_T)q_deT_O. (1.65)
[
Properties 1.3.2. Forall me N*,0<m -1 <q<m, we have:
Lm(EDI(t) = ™ (1). (1.66)
q—m

16
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Proof.
m—1 (5]
im €D’ - limEDIen - Y @ e
lim (Dlg() = lim{fDlo() kZ_;r(k_ Syt

@ — ! o
= N TTm—g+ D) +F(—q+m+1)£(t_T) "oty

- (P(m)(t). (1.67)

Properties 1.3.3. Forall re N* and m -1 < q <m, we have:

CDILD;(t)) = DI (1). (1.68)

Proof.

DI GDjo(t) D7D D (Dl ()

— aDt_(m_q)aD:”H(P(t)

= D). (1.69)

Properties 1.3.4. Forall re N* and m —1 < q <m, we have:

r+m—1 ®)
Di(EDIo() = Do) + ) ¢“(a)

N g)e(g4)
y Th—@xn+nt 9 " {7

particularly, if $®(a) =0 fork=m,m+1,--- ,m +q—1 it comes:

DiEDIP(1)) = SDI (Do (t)) = SD;p(1). (1.71)
Proof.
nl gk
DIEDIO0) = WDIEDL0- Y, -0
k=0

m—1
r oO@ -
= KD - kz_o Th—q+ 1)th(t — a)k

17
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Then:

oY)

DGDIoW) = D60 =), iyt -0
k=0

m—1
r PP (a) _
_ R _ _ @)
= 2D "o(t) ZH F(k—(r+q)+l)(t T

r+m—1 %)
- q)—(a)(t — )@+

i Tk—(g+n+1)
r+m-1
$©(a) g+
© Lot
r+m-1 3
S AL CR P L

TN (- )@
- h-@rnrp 2

r+m—1 %)
+ —qb (@) (t— a)k—(qﬂ)

P I'tk—(g+7r+1)

r+m-1
r Q) :
- C — g)k-a+n
= DM+ k§:m i@t (1.72)

then
D(EDIP(t) = SD (1), (1.73)

if and only if p®(@)=0forallk=mm+1--- ,m+r—1 [

3) Laplace transform of the fractional derivative in the sense of Caputo:

The Laplace transform of the fractional derivative sense of Caputo is given by:

m—1
LSDIg(t),s) = s1d(s) - Z s 1e00), m-1<y<m. (1.74)
k=0

1.4 Some general properties of fractional integrals and

derivatives

According to Oldham and Spanier, fractional integrals and derivatives have the following

primary characteristics [42]:

1. Let ¢(t) an analytical function of ¢, then the fractional derivative OD‘qu(t) give us an

analytical function of t and y.

18
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2. If m is an integer then for g = m, the operation (D/¢(t) provides the same result as

the classical differentiation with integer order m.

3. If we take g = 0, the operation (D/¢(t) give us the identity operator:
oDYd(t) = ¢(t). (1.75)

4. Similarly with integer order differentiation, fractional integration and differentia-

tion are linear operations :
,,Df()\cp(t) + u(t)) = A.DIp(t) + ,ung’(t). (1.76)

5. Semigroup property ( the additive index law) holds if the function ¢(¢) satisfies some

reasonable constraints.

oDT' oD (t) = oD DT ¢(t) = DI " p(1). (1.77)

6. The integer derivative commute with the fractional derivative ( the operators ,D!

and 4% commute ) .

" dm +m
5? (Df () = aD?( dfnft)) = D] " (), (1.78)

if t =a we have ¢®(@) =0,(k=0,1,2,...,m—1).

7. If ¢1(t) and ¢ (t) and all their derivatives are continuous in the interval [4,t]. So the

Leibniz’s rule for fractional differentiation is:

D@1 (OPa(t) = ) | O (0).D*ah), (1.79)

> | m
=0 | k

19
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1.5 Fractional differential equations in the sence of
Caputo

In this part of the chapter we introduce the basic notions for the fractional order differ-
ential equations including existence and uniqueness, resolution and finally we present

a numerical methods of solving these fractional differential equations.

1.5.1 Existence and uniqueness of solutions

Consider the fractional differential equation of order y with initial value problems as

follows:
CDy(t) = P(t, y(t))

, . , (1.80)
CDiy(0) = yg), i=0,1,...,m—1, where m=[q].

where m — 1 < g <m and D7 denote the Caputo fractional operator.

The next theorem gives us the existence and the uniqueness of (1.80).
Theorem 1.5.1. Let g > 0,m ¢ N and m = [y]. Furthermore, let K > 0, > 0, and

ao, ...,a,-1 € R. Define

®:=[0,F"] x[ap — K a0+ K], (1.81)

let now ¢ : ® - R be continuous a function. Then, there exists some h > 0 and a func-
tion y € C[0,h] solving the fractional differential equation of Caputo type with initials
conditions in (1.80). For q € (0,1) the h is defined by

b= min:h*, (KT(q+1)/M)"1}, with M := sup |¢(x,2)), (1.82)

(x,2)ed

moreover, if ¢ satisfies a Lipschitz condition with respect to the second variable, i.e.

|0 (% 1) = ¢ (x, y2)| < L|y1 — 1] (1.83)

with some constant L > 0 independent of x,y1, and y,, the function y € C[0, 4] is unique.

To prove this theorem we go through the integral equation of Lotka volterra, so first we

define the integral equation of Lotka volterra.

20
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Theorem 1.5.2. Under the assumptions of the previous theorem the function
y € C[0, h] is a solution to the fractional differential equation of Caputo type with initials

conditions in (1.80), if and only if it is a solution of the Volterra integral equation of the

second kind

(x) = mi x—kb P fx(x— DT (t, y(t)dt (1.84)
LR TG S |

Proof. Assume that y is a solution of (1.84). So, y can be written as:

m=1
¥ = Y G + oD} 6l y(o), (1.85)
k=0

applying OCD‘Z on both sides of (1.85), we get:

m-1 y(k) DIk
c t c —
iDTy(h) = ) = + DD ", y(1)
k=0 :
m-1 (k)CDq k (186)

= Y B i),

>~
I
o

since k < g, so {D!t* = 0. Hence y is a solution of (1.80),

we shall now to proof that: OCD{y(O) = yg). Applying the differentiation operator

¢DJ,0<i<m~1on (1.84), we obtain;

' m-1 y(k)c itk , . )
3Dy = ) = + §DjoD; oD, ", y(e)
k=0 ’
m—1 (k)ch k (187)
Y Dot L o,y
- k' 0y Qb /y( ))/
k=0
to recall, we have the following fractional derivative:
0, ifi>k,
DI =rk+1), ifi=k (1.88)
e ifi <k,

21
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the equation (1.88) implies:

0, ifi>k,
D, =19 T(k+1), ifi=k (1.89)
0, ifi<k,

we have also y—i > 1, then l'intégrale OD;(”_i)¢(t, y(t)) o= 0. as a consequence gDﬁy(O) = yg),
Assume that y is a solution of the initial value problems (1.80) and let’s show that y is

the solution of Volterra integral equation (1.84).

Let z(t) = ¢(t,z(t)), then z € [0, 1], then we can write :

vl O
_ Cd R
2(t) = (¢, y(t) = SDTy(t) = RDTy(h) - ;r(k T
-1 (k) 1k
Yo t
_ R R
= RDy(t) - DkZS z
met () K (1.90)
Yo't
= Rp? | y(t) - Z 3(! ]
k=0

= gD? (y =Ty [y, 0]) (t)

= OD:ﬂth_(m_q) (y - Tm—l [yl O]) (t)f

mle

where T, 1[y,01(t) = X/50 & yo , represente the Taylor polynomial of degree m — 1. By ap-
plying (D;” on the two members of (1.90), we get:

oD;"2(t) = oD; "™ (y = Toualy, O1) () + p(D), (1.91)

where p represent a polynom of degree <m —1.

Since the function z is continuous, the function (D;"z has a zero of order at least m at
the origin.

In addition to that, the difference y - T,-1[y, 0] having the same property by construction.
Then the function OD;(’”_”) (y = Tw-1ly,0]) must also have a zero of order m.

Consequently the polynomial p having the same property, but as it is of degree < m -1,

it results that 4 = 0.
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Therefore:

oD;"z(t) = oD; "™ (y = Trualy, 01) (B), (1.92)

which implies:
y(t) = Tualy, 01(t) + oD, "2(t)

ml g 1 (1.93)

=2 %+ i ), - O v

1.6 Analytical solution of linear fractional order differ-
ential equations

In order to solve a linear fractional order differential equation, the Mittag Luffler func-

tion E, is used to give an explicit expression of the solution.
1.6.1 One dimentional linear cases with application

Theorem 1.6.1. [13] Let g > 0,m = [gq] and A € R, the general solution of the next
problem (1.94):
CDIy(t) = Ay(t) + p(t),
o Dyy(®) y(®) +p(t) , (1.94)
y00) =y (k=0,1,..,m—1),
where p € C[0,h] is in the form :
m—1
y(®) = Yy ut) + 5(0). (1.95)
k=0
with
oD 'p(t) if A=0,
g = t (1.96)
1 j pt = Duj(v)dr if A#0,
where
ue(t) = De,(t)  such that  e(t) = E;(At"), (k=0,1,...,m —1). (1.97)
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Proof. 1) If A =0 then the probleme (1.94) become:

SDIy(h) = p(t),

y®(0) =y k=0,1,..,m-1),

k
we have ¢,(t) = E;(0) = 1, then w(t) = % for all k.

Using the relation between Riemman-Liouville and caputo, we get:

o Diy(t) = §Dy(t) - mzl O s = iy
t e Ik —q + 1) ’

then
P y(k() g
o Diy(t) = E A Tk t +p(h),

applying the intégrale of Riemann-Liouville of ordre g in the both sides :

© y®(0)D! 1
—a R _ Y (0o t q
oD §D{y(t) = kZ_::—Nk— o+ oDiv),

m—1 y(k) (O)tk

= Z Tt oD p(t),
=0

then :
y(t) =Y yOOut)+ 5(t),  where  §(t) = Dip(h).

2) If A # 0: we can divide the proof on two step (a) and (b) :

a) The function u; satisfies the homogeneous differential equation, i.e :

(1.98)

(1.99)

(1.100)

(1.101)

(1.102)

nguk = Auy, Yk =1,...,m—1 and satisfie the initial conditions u,(f)(O) = 0xj (delta of Kronecker)

for jjk=0,..,m—-1.

b) The function § is a solution of the nonhomogeneous differential equation with homo-

geneous initial conditions.

We start with (), we know that:

N Al
e,(H) = Ey(A%) = 2 ORI

(1.103)
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then

AJpaj+k

Ug = D’keq(t) = —_—.
;}4 I'gi+1+k

Let us now show that u is a solution of the homogeneous differential equation.

AJpaj+k
Cryf Cf
o Dyuk(t) oD Z41‘(q]+1+k

_ /U Cyd4q)
T(gj+1 +k)OD g

|
=
= o
=1
=

then u; is a solution of the homogeneous equation.

For j =k we have :

+k

q(j-1)+k

u(0) = DD e,(0) = €,(0) = 1.

For j < k we have :

u(0) = DIDe,(0) = D™ e,(0) = 0

Because ¢, is a continuous function.

For j > k we have :

u(0) = D/D*¢;(0) = DU Pe,(0) = 0,

we have

g = f p(t - Dy ()T
= fp(t T)G (t)dt

t
= %fop(t)e,;(t—’c)d’c,

(1.104)

(1.105)

(1.106)

(1.107)

(1.108)

(1.109)
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this integral exists whatever t, because g is a continuous function and ¢’, integrable, and
7(0) = 0. Moreover, forg > 1 (i.e m > 2 ) according to the standard rule of the differentiation

of an integral that depends on a parameter we have:

Dij(t) = % fo p(be, (t — T)d + %p(t) €,0), (1.110)
N——
=0

in the same way as above, the continuity of p and the weak singularity of ¢,” we see that

70 =

By the same way:
t
Driy(t) = % f p(Del V(¢ - 1)dr pour k=0,.,m-1, (1.111)
0

then D*#(0) = 0
Then j satisfies all homogeneous initial conditions, and it remains to be shown that §

solve the nonhomogeneous differential equation. For this purpose it is written:

, d o Ayl
€,(u) = Eeq(u) = ; Tq].), (1.112)
then
~ _ /\](t_q—)q] 1
i = 1 [ awde-oi=1 [ ()2 i
= — \i~14r = (-1 —qj 1.11
Z e f p(0)(t — 1)V ldr = ZA oD Vp(t), (1.113)
then

(e8] (o)

¥ 51 oD = YA oD
=1 j=1

Z oD, p(t) = p(t) + Y AT oD, "p(h),

j=0 j=1
q(t) + Ag(t). (1.114)

DIty

8
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Example 1.6.1.

Consider the following problem:

SDIy(t) = 5y(t) - 3,

(1.115)
y(0)=0,y'(0) =0,
1
We have : A =5, p(t) = -3 and y(t) = }, y(ok)uk(t) + §j(t) such that:
k=0
1 :
gt = Xf p(t — Duy(t)dt
0
1
= 5]0‘ =3uy(t)dt
-3
= ?[Eq(5Tq)]€)
-3
= ?[Eq(W) -1]
=3§&6m+§, (1.116)
and
1 t
zzygh%a)=y«nEﬂ5ﬂ)+yxoxjﬂEhwfwdzz(x (1.117)
k=0 0
finally, the general solution is given by:
3 3
= _Z q
y() = 5 = ZEy(5t9). (1.118)
1.6.2 Multidimentional linear cases with application
We consider the fractional differential equation [13, 39]
§Dly(t) = Ay(t)+p(). (1.119)

with0<g<1, Ae M,(R), y(t) e R" and p : [0,h] — R™.
To solve the problem (1.119) we start with the corresponding homogeneous problem

(ie p(t) =0 Vte[0,h]).

27



“CHAPTER 1. INTRODUCTORY NOTIONS ON FRACTIONAL DERIVATIVES

Then
SDIy(hy = Ay(). (1.120)

1) If A admits simple eigenvalues
Let Ay, Ay, ..., A, the eigenvalue of A and vy, vy, ..., v, it’s eigenvectors. Then the solution of

(1.120) is in the form

y(H) = Z CkorEg(Ait), (1.121)
k=1

where ¢, e R, Vk=1, ..., m.
2) If A admits multiple eigenvalues, for example A of degree of multiplicity k so there are
two cases:
¢ If the number of linearly independent eigenvectors associated with A is equal to k in
this case the solution of (1.120) is of the form (1.121).
e If the number of linearly independent eigenvectors associated with A is equal to »
(where n < k) in this case the other (k — n) solutions that are linearly independent are
given by : .

yO(t) = Z uDH=DESD (g4, pour i=n+1,..k (1.122)

j=n
such that the eigenvectors u(j) are the solutions of the nonhomogeneous linear system

(A = ADulU*D = 4, (1.123)

Remark 1.6.1. Let (y1(t), y2(f), ..., ym(t))T be the solution of the homogeneous problem
(1.120), then the solution of the problem not homogeneous (1.119) with the initial condi-

tion y(0) = yo is (Y1(t), Ya(t), ..., Yu(t))T such that:

t
Yit) = v+ f yit — Dpi(0)dT Vi=1,..,m (1.124)
0
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Example 1.6.2.

1) Consider the following system:

0 2
SDIy(t) = Ay(t) , such that y(t) e R* and A = Lt

e the eigenvalue of A are:Ay =2 and A, = 1.
eThe eigenvectors of A are :v; = (1,1)T associated to A, = 2 and v, = (2,1)T associated to
Ay =1,

e The général solution of the system is:

1 2
y(t) = 1 E,(29) + ¢ E,(t), (1.125)
1 1

0
if y(0) = thenc, =2 and ¢, = -1,
1

implie

1 2
y(t) =2 1 E,(2#) - 1 E,(t7). (1.126)

2) Consider the following system: {D]y(t) = Ay(t) such that: A=| 2 2 -1

e The eigenvecors of A are:A, = 3(double) and A, = -3, (simple)

e The eigenvecors of A are: v; = (-2,1,1)T associated with A, = -3 and v, = (3,1,0)7,v3 =
(3,0,1)T associated with A, =3,

and since the number of linearly independent eigenvectors associated with A, = 3 is

equal to the degree of multiplicity 2, in this case the solution is of the form :

) 1 1
2 2

y(t) = c| 1 [Ef(=3t")+ca| 1 |E;Bt")+c3| 0 |E;(3t). (1.127)
1 0 1
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1.7 Numerical solution of fractional differential equa-

tions

The process of solving nonlinear ordinary differential equations often may not succeed
using the methods that already exists in the literature. For this reason we make nu-
merical approximations to exact solutions. It’s the same problem with fractional-order
differential equations. Several works give numerical methods for resolution of fractional
differential equations, we cite among these methods, the Grunwald letnikov’s method
which is widely used to solve linear fractional differential equations, this method is based
directly on the definition of Grunwald Letnikov [55]. Another methode is called VIM
which is based on the determination of Lagrange multiplier in optimally way through
variational theory [30]. Furthermore, Adomain Decomposition Methode (ADM) which
based on the construction of a solution of the Abel- Volterra equation in the form of a
series [16]. The frequency domain approximation method which is based on the approx-
imation of the fractional order system in the frequency domain [40], this last method
malevolently can lead us to fake chaos, where Tavazoei has shown the weakness of the
method in his publication in [48].

Another interesting method is the Adams Bashfort Moulton (ABM) method [42], There is
also the Preictor-Correcdtor method [32] which considered as a generalilization of the

ADM method. This method is given in the next subsection.

1.7.1 Adams Bashfort Moulton algorithm ( ABM) with aplication

In our work we opt to use the ABM in order to solve fractional differential equation of
Caputo, this method is based on the fractional formulation of the classic ABM method.
The ABM is presented by the following algorithm:

Consider the initial value problems (1.80),

C _
{ DIy(t) = (¢, y(b)), (1.128)

CDiy(0) = yg), i=0,1,...,m—1, where m=/[q],
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where m — 1 < g <m and D7 denote the Caputo fractional operator.

The initial value problem (1.128) is equivalent to the lotka volterra equation under the
theorem (1.84). For j = 1,k in [0;T], it is assumed that y(j) is an approximation of y(t;).
The next step is to obtain y(t;,1), in this step we replace the integral in the Lotka volterra
equation (1.128) by using the product trapezoidal quadrature formula, in other way we
employ the nodes t,j = 1,k + 1 then we interpret the function tﬁ‘f_. as a weight function

for the integral. i.e. we apply the following approximation:

sl frs1
f (s -2 B@)dz ~ f (bt =2 B ()dz, (1.129)
0 0

where the knots are chosen at tj].:m and By, represent the piecewise linear interpolant

for B with nodes. We notice that the integral on the right-hand side of (1.130) can be

written as:
1 k+1
f (tes1 — 2)" " B (2)dz = Z ajk1B (tj) . (1.130)
0 =
Where
fiel
= [t =2 (el (1.131)
0
and

(Z—tjfl)/(tj—t]'q) if tii <z <t
¢j,k+1(z) = (t]‘+1 - Z) / (tj+1 — tj) if tj <z <tj, (1.132)
0 else.
It is clear due to the functions ¢, satisfy the formula:
0 ifj#u,

Do (t) = (1.133)
1 ifj=y,

and that the functions ¢;«,; are piecewise linear and continuous with breakpoints at the

t., so that they must be integrated exactly by 1.130. We choose arbitrary ¢;, from (1.131)
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and (1.132), we can get:

(e — 0)"™ "+ 80 [mby + b — b
tym(m + 1)

, (1.134)

Ao k+1 =

(tk+1 - tj—l)m+1 + (tk+1 - fj)m [m (t]’—l - tj) +tj1 - tk+1]

Bjje = (tj = tja) m(m + 1) (1.135)
+ (1 = )" = (i = )" [t = tp0) = e + ] |
(tj1 = t;)m(m +1) '
if1<j<k and
RPN % (1.136)

when the nodes are equispaced .i.e. (tj = jh with some fixed & ), these relations reduce

to:

s (R = (= m)(k + 1)) if j=0,

m(m+1)

" ((k _ ] + 2)m+1 + (k- j)m+1

ajn = 4" (1.137)
—2(k - j+ 1)) if1<j<k,

Next, we derive the fractional version of the one-step Adams-Moulton technique (also

known as the corrector formula), which is provided by:

m-1 4J k
tk+1

1
Yis1 = i yo o) Za]‘,kﬂf (t]’, yj) + A1k f (tk+1,y,f+1) , (1.138)
j=0
where, y;,, represent the prediction term.
Now, we need to calculate the value of y; , in order to determine the predictor formula.

The aims now is to generalize the one-step ABM method. By replacing the integral on

the lotka volterra equation (1.84) using the product rectangle rule given by:

Firl k
(o1 —2)" ' B(z)dz ~ Y biraB(t), (1.139)
ﬁ k+1 Z jk+1 (])

j=0
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where . .
(tk+1 - fj) - (fk+1 - fj+1)
- .

tj+1
bige1 = f (i —2)"" dz=
t

i

(1.140)

by replacing the functions ¢y; by functions being of constant value one on [tj, tj+1] and

zero on the remaining parts of [0, #.1]. Once more, in the equispaced case, we have:
hﬂl . -
bjgn = — ((k+1= " = (k= )"), (1.141)

finally, the predictor y;, is obtained by the ABM method

m—1 tj ) 1 k
Wir = S0+ g b f (t01). (1.142)
j=0 7 j=0

Hence, the fractional version of ABM algorithm is described by (1.138) and (1.138) where
(1.137) and (1.142) are used to defines the weights a;;,; and b;x,, , respectively.

Remark 1.7.1. The readers are invited to discover more details about the error anal-

ysis of the above method in reference [12].

Example 1.7.1.

Consider the following fractional system [5]:

oDfx =a(y —x),
Onyzcx—y—xz, (1.143)

oD’z = bxyz —y - bz,

whith0<a,B8,y<1etab,c>0.

Appliying ABM on the system (1.143) we get:

k
h(X
Xie1 = Xo + Ha_-iQ)(a(yZ+l ~ %)+ T ];0 a1,k @y — x))),

k
_ WP p PP 1
Yt = Yo + [y (g ~ Vi ~ X)) T 1 Pt a,jer1(CXj — Yj — Xjz)), (1.144)

k
_ W pop P p p 1 . S
Zk1 = 20 + 7yrey B Vi Zent — Vi — P2ad) + 109 E‘O a3,ik1 (XY 2 = Yj = Pzj),
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whith

a1,jk+1 =

az,ik+1 =

as,jk+1 =

k
X =X+ ﬁ j;o by jk+1(ay; — x)),

k
]/ZH =Yoo+ %ﬁ) bez,j,kﬂ(cxj - Yj—Xjzj), (1.145)
j=

k
P _ 1 . Yz W — Bz
Zkn1 = 20 1y ]E‘o b3 jk+1(xjY2))yj = Bz)),

bijen = S((k+ 1= j)% = (k= j)Y),
bajrer = F(k+ 1= ) = (k= )P, (1.146)

by = B ((k+ 1= )7 = (k= j)),

e K = (k= @)k + 1)) if =0,
ey (k= o+ 20 o (k= )+ =20k = j + D) if 1<j<k,
n? 1 . .
(k<1 = (k = B)(k + 1F) if =0,
e ' (1.147)
gy (k= j+ 207 4 (k= P = 2(k = j + 1)) if 1<j<k
s (0 = (k= )k + 1)) if j=0,
s (U= j+ 207+ (k= )7 =20 = j+ 1)) if 1<j<k

The following figure (1.3) represent the attractor of the system (1.143) in the space .

150

100

50

Figure 1.3: Strange attractor in the plane of (1.143).
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Conclusion 1.1.

The fundamentals of fractional calculus, which builds on classical calculus to handle
derivatives and integrals of arbitrary (non-integer) order, have been established in
this chapter. We looked at several definitions of fractional derivatives and integrals,
including the Riemann-Liouville, Caputo, and Griinwald-Letnikov approaches, as we
investigated these basic ideas. The chapter also emphasized the numerical solution of
fractional differential equations where we give the methode of Adams Bashfort Moul-

ton algorithm.
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CHAPTER 2

NOTIONS OF FRACTIONAL
DYNAMICAL SYSTEMS AND ITS
CHAOS DETECTION

As an intuitive definition, we consider a set of objects in interaction between them in the
time, this interaction is called a Dynamical System ( DS ). Indeed, we can describe these
interaction by: ordinary differential equations (ODE), difference equations, partial dif-
ferential equations, integro-differential equations, stochastic equations and others. In
our work we study the dynamical systems defined by the ODE or its generalization to the
Fractional Differential Equation ( FDE ). In view of the considered time, the most types
of modelisations is consider the continuous dynamical systems or the discret dynamical
systems. Also, there is another type called hybrid dynamical systems where the fenom-
ena is described by a combinaison between them. If the entire future and entire past
of a dynamical system are uniquely determined by its state at the present time, then is
called in this case a deterministic dynamical system. Otherwise, the dynamical system

is called nondeterministic.
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2.1 Definition of dynamical system

Lett e I € R"™ and x = x(t) € R™ be the vector representing the dynamic of a continuous

dynamical system. As a mathematical definition, it can be defined by:

Definition 2.1.1. [34]

. dx
i =

= =d(x, 1), (2.1)

here, ¢(x, t) is a sufficiently smooth function which defined on some subset Q c R" X R.

Schematically, this can be presented as:

RrR™ R _ ]RmH (2 . 2 )

X .
state space times space of motions

The usual interpretation of the variable t is the time. The nature of the DS is depend on

the nature of ¢(x, t); if it is linear then the DS is linear and the DS is nonlinear if it is

nonlinear. Also, the time interval may be infinite, finite or semi finite.

Secondly, the discret DS is defined by:

Definition 2.1.2.
Xre1 = P(xg); ke N. (2.3)

When ¢ depend explicitly on time, (2.1) is said nonautonomous DS. In the contrary case,
(2.1) is called autonomous DS. In all our work, we consider uniquely the autonomous
cases.

By using the fractional derivative definition, we may generalize the definition ( 2.1 ) to

(2.1.3) as:

Definition 2.1.3.

i
d_;;=¢(x’t); g€ R (2.4)

In all the rests of this work, we consider an autonomous system of fractional differential

equations in the sense of Caputo ( FDEC ) which mean a system formed by fractional

37



“+CHAPTER 2. NOTIONS OF FRACTIONAL DYNAMICAL SYSTEMS AND ITS CHAOS
DETECTION

differential equations in the sence of Caputo.
So, let x = (x1(t), x2(t), -+, xu(t)) @and ¢ : R" x R — R™. We consider the following vector

representation of a system of FDEC:
“Diix(t)y = p(x(t) ); 0<gj<1; j=1,m; meN. (2.5)

When we talk about the analysis of a dynamical system, we need to clarify the purpose
of the analysis, originally when we want to solve a mathematical problem expressed in
a FDE or in a system of FDE, it is better to look for an explicit solution, but this is not
available in most cases because the functions are not linears generally and even consti-
tute a difficulty. When it is difficult to find a solution, we implement a qualitative study
uniquely which means we study how to calculate their fixed points, study their bifurca-
tions and study their nature if it is regular or has a chaotic behavior or other type of
qualitave study. We will provide some definitions that will help us to analyze dynamical
systems in the following sections.

We destinguish two type of FOS, The commensurate and the incommensurate FOS, we

give in the following the definitions of these notions.

Definition 2.1.4. If the order of all equations forme the system (2.5) are equals
ie:q =4gp=---=qyu the system (2.5) is called a "commensurate " fractional order system
(FOS). In the other hand, if there exist at least j and i where q; # q;, the system is called

"incommensurate" FOS.

In addition, 2;-’1:1 q; is called the effective dimension of the equation (2.5).
2.2 Stability of equilibrium points
Among the basic qualitativ analysis of a dynamical system is to find the fixed points, we

announce the next definition for an equilibrium point.

Definition 2.2.1. In order to calculate the equilibrium points of (2.5), we solve the
following equation:

CDix(t) = 0, (2.6)

all solutions of (2.6) is called an equilibrium points. We note an equilibrium point by x*.
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Remark 2.2.1. If x* = 0 is an equilibrium point of (2.6), in addition if there exist t; > 0

satisfying x(t1) =0, then x(v) =0 for all © > 7;.

2.2.1 Stability of linear system of FDE

When we talk about the stability of dynamical systems described by ODE, the region of
stability and instability are divided on two half planes by the vertical axis, this region
will change in FDE where we see that the stability region increases when the order g
is between zero and one. In other words the FOS are more stable than integer order
system. This difference in the stability region is because of the nature of the FOS that
have the qualitative "memory systems" which are generally more stable than their coun-
terparts which have low memory. In the other hand, the stability region decrease when

the order is between one and two. The following stability theorem is announced.

Theorem 2.2.1. [37]Letx € R" and L € R"xIR™, the following commensurate fractional

order linear system:

“Dix=Lx; 0<g<1, 2.7

x(0) = xo,

is assymptotically stable if and only if |arg(eig(L))| > q5.
Moreover, the system (2.7) is stable if and only if |arg(eig(L))] > q5 and the critical

eigenvalues which satisfy |arg(eig(L))] = g5 have geometric multiplicity one, eig(L) indi-

cates the eigenvalues of the matrix L.

The figure (2.1) illustrate differente zone of stability in view of order 4.

Remark 2.2.2. [t is necessary to pay attention that the stability region of FOS is

different with the case of integer order systems.

2.2.2 Stability of nonlinear system of FDE

In the case when the system is nonlinear of the following form:

“Dix(t) = p(x(t)); 0<g<1,x€eR", meN, (2.8)
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(a):0<qg<1

(b):1<qg<2

Tim 4
Unstable region
Stable Stable
region region
nstable region
p Stable
q= : q i
. region z
Re Re
-ag Stable -
Stable : 2
~ Unstable region region
EGEIon Stable
region Unstable region

Figure 2.1: Stability region of FOS

it is the same with integer order, we use the linearization method ( indirect method ),

the system (2.8) can be linearized around the equilibrium point as:
Dix(ty= Lx(t); 0<g<1, xeR", meN, (2.9)

where L is the jacobian matrix associated with ¢. Then, after the linearization we apply

the theorem (2.2.1).

Theorem 2.2.2. [42]

Let consider the incommensurate FOS and assume that M is the LCM of the denomi-
u; _
nators v's ofq;.s, where q; = U—],uj,vj e Z* for j =1,m and putting n = 1/M.
j

The system (2.8) is asymptotically stable if:

|arg(1)] > ng (2.10)

for all roots A of the next equation:

det (diag ([AMP AMP=2 . AM]) — Jac) = 0. (2.11)

Example 2.2.1. In this example we discus two cases of fractional nolinear Chen system,
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we discuss firstly the commensurate FO case:
CD'vi(t) = 35(v, — v1),

CD?ZZ)Q(t) = —7v1 + 280, — 103, (2.12)

“Dfvs(t) = v10; - 3vs,

where D1 is the Caputo derivative operator; v1,v,,v3 are the state variables and g3 = 1 =

q2 = 0.98.

The system (2.12) have three equilibrium points: p; = (0;0;0) and p,3 = (£7.94; £7.94;21).
The linearization of (2.12) is given by:

-35 35 0
Jac(+7.94;+7.94;21) =| -7-21 28 +7.94 |, (2.13)

+794 794 -3

we obtain the eigenvalues:

Ap =4.2155 + 14.888i, A3 = —18.431. (2.14)

When q = 098, we get:
0.987

larg(A1o)| = 1.5706 > = 1.5386, (2.15)

and
0.987

larg(Az)| = 3.1416 > >

=049, (2.16)

in view of theorem (2.2.1), A3 satisfy the condition |arg(eig(Jac))| > q% , which mean that
p23 are asymptotiqually stable equilibrium points.

For the zero equilibrium p;:

-35 35 0
Jac(0;0;0)=| -7 28 0 |, (2.17)
0 0 -3
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we obtain the eigenvalues:

A =23.836, A, = —=30.836, A3 = -3, (2.18)

when g = 0.98, there exist A, = 23.836 which not satisfy the condition |arg(eig(Jac))| > g3 ,

indeed:

0.987

larg(A1)l =0 < =049, (2.19)

then the zero equilibrium p; is instable equilibrium point.

Example 2.2.2. Secondly, we discuss the incommensurate fractional order case of (2.12)
with (q1;92;93) = (0.8;1;0.9).

We calculate the caracteristic equation (2.11) for p,3, we get:
A% +3511 4 3118 — 28117 + 105410 — 2118 + 4410 = 0, (2.20)

all roots ot equation (2.20) satisfy the condition of assymptotic stability (2.10) except the

followings roots:
larg(A)] = | arg(1.2928 + 0.20330i)| = 0.1560 < qg = 0.1570, (2.21)

then p,3 are unstable equilibrium points.

For the zero equilibrium p;, we get the following caracteristic equation:
A% 4+ 35019 + 3418 + 35117 + 105110 + 14704° + 105A% + 4410 = 0, (2.22)

all root of the equation (2.22) satisfy the condition of assymptotic stability (2.10), then
p1 = (0;0;0) is assymptotically stable.
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Remark 2.2.3. A necessary stability condition for FOS (2.8) to remain chaotic is to
keep at least one eigenvalue A in the unstable region [49]. Suppose that a chaotic sys-
tem in dimension three has only three equilibrium points. Then, if the system contain
a double-scroll attractor, in this case we have two saddle-focus points surrounded by

scrolls and one additional saddle point in the attractor.

Definition 2.2.2. Assume that the unstable eigenvalues of scroll focus points are:
Mp = mp = j612. The necessary condition to display double-scroll attractor of (2.8)is
the eigenvalues A;, keeping in the unstable region [50].

The condition in the commensurate order is given by:

mj

0.
q> %atan[u],jzl,z (2.23)

A necessary condition to exhibit chaos for the example (2.12) is g > 0.1629.

We can use the condition in (2.23) to establish the minimum order at which chaos may be
produced by a nonlinear DS (2.8), i.e. the system cannot be chaotic when the instability
measure % —min(|arg(A)|) is negative.

The characteristic equation (2.22) has Ay, = 1.2928 + 0.2032i implie |A;,| = 0.1560 which
are unstable roots. Consequently, the system (2.12) satisfies the necessary condition to

display a double scroll attractor. Indeed, the instability measure is given by :

e . _
Vi min(| arg(A)[) = 0.0012. (2.24)

Then, the instability mesure in not negative.

Definition 2.2.3. In a nonlinear DS of dimension three, a "saddle point" is called " of

index one " if one of the eigenvalues is unstable and the others are stables. Also, a
"saddle point" is called " of index two" if two of the eigenvalues are unstable and one

eigenvalue is stable.
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Remark 2.2.4. When a three dimensional chaotic DS generates a double scroll at-

tractor, so this DS has two saddle points of index two encircled by scrolls, the fixed

points of index one are responsible only for connecting the scrolls.

2.3 Generalized Mittag-Leffler stability

The Lyapunov function is a sufficient condition for stability of nonlinear system, it has
the ability to study the stability in entire interval other than indirect method which give
us just local stability. Furthermore, it give the stability without explicitly solving the
differential equations. Unfortunately, there is no standard method to determine a Lya-
punov function expect in the jerk (mechanical) systems when we put the energies as a
function of Lyapunov [36]. Firstly, let us first define stability in Mittag Leffler’s sense.

Let the fractional nonlinear system in the sense of Caputo:

Dix(t) = p(x(t) ); 0<qg<T1. (2.25)

Definition 2.3.1. (Mittag-Leffler Stability)
The solution of (2.25) is said to be Mittag Leffler stable if:

I < {u [x ()] Eg (<A (¢~ t0))),

(2.26)

here b > 0,A > 0, w(0) = 0,u(x) = 0, o is the initial time and u(x) is locally Lipschitz on

x € A € R" where y is a lipschitz constant.

Definition 2.3.2. (Generalized Mittag-Leffler Stability)
The solution of (2.25) is said to be generalized Mittag Leffler stable if:

e = O < (b ()] ¢ = 1) 7 Egoy (<A (=107,

Lipschitz on x € A € R™ where y is a lipschitz constant.
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Remark 2.3.1. Asymptotic stability is implied by both generalized Mittag Leffler

stability and Mittag Leffler stability..

Secondly, we give the following theorem which is considered as the extention of the di-
rect method of Lyapunov to the fractional case. This method leads to the stability of

Mittag-Leffler.

Theorem 2.3.1. Let x*1 = 0 be an equilibrium point for (2.25) and Q c R™ be a domain
which containing the origin. Let V(t,x(t)) : [0,0)xQ — R be a continuously differentiable

function and locally lipschitz with respect to x such that

QX < V(E, x(D) < gallxl|, .28
CDPV(t, x(1) < —gsllxl|™,

where q1,q,,93,a and b are arbitrary positive constants, g € (0,1) ,t 20,x € Q. So x1 =0
is Mittag Leffler stable. Also, x1 = 0 is globally Mittag-Leffler stable if the assumptions
hold globally on R™.

Lemma 2.3.1. Let g € (0,1) and M(0) be an arbitrary nonnegative constant, then:
CDPM() < RDPM(t), (2.29)

where RD and €D are the Riemann-Liouville and the Caputo fractional operators, re-

spectively.

Proof. Through the use of the following propertie of the Riemann-Liouville fractional

operator:

£DI" (5DP (1) = EDI ity ~ Y [*DP o)

=1

(t_a)_q]_j eERmeZ m-1<g<m
ta T(l—ql—j)' qi,4q2 ’ ’ Sq .

(2.30)

Then, we have
~ M@O)tF

. 2.31
TP (2.31)

i d
SDM(t) = §D] - M(#) = §D{M()

45



“+CHAPTER 2. NOTIONS OF FRACTIONAL DYNAMICAL SYSTEMS AND ITS CHAOS
DETECTION

Because € (0,1) and M(0) = 0,

CDPM(t) < RDPM(p). (2.32)

Remark 2.3.2. Lyapunov function is a sufficient condition for stability of nonlinear

DS, which means that the DS may still be stable even one cannot find a Lyapunov

function to conclude it’s stability property.

2.4 Fractional Lyapunov direct method using the class-

K functions

In order to analyze the fractional Lyapunov direct method, we aims in this section to

apply the class-K functions.

Definition 2.4.1. [26]
A continuous function g : [0,t) — [0, o) is said to belong to class- K if it is strictly increasing

and B(0) = 0.

Lemma 2.4.1. (Fractional Comparison Principle)

If $DIz(t) > SDIy(t) for all q € (0,1) and if z(0) = y(0), then z(t) > y(t).

Proof. 1t follows from {Diz(t) > {D]y(t) that a nonnegative function p(t) exists and that it

satisfying:
§Djz(t) = p(t) + §DJy(), (2.33)
the application of the Laplace transform on equation (2.33) yields:
§1Z(s) — 871 Z(0) = P(s) + s7Y(s) — s7"'(0), (2.34)
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from z(0) = y(0) we get:
Z(s) = s71P(s) + Y(s), (2.35)

the inverse Laplace transform is applying to (2.35):

z(t) = 02, p(t) + y(t), (2.36)

the uniform formula of fractional integral of order g4 € (0, 1) in the sense of caputo and the

fact that p(t) = 0 that:

2(t) > y(b). (2.37)

Theorem 2.4.1. Let z = 0 be an equilibrium point for the nonautonomous FOS given
by (2.38) as:
SDz(t) = ¢(t,2), q € (0,1). (2.38)

Assume that there exists a Lyapunov function V(t,z(t)) and class- K functions Bi(i = 1,2, 3)
satisfying
Pr(llzll) < V(, z) < Ba(llzll) (2.39)

and

§DIV(t, 2() < =Bs(llzI) (2.40)

where g € (0,1). Then the system (2.38) is asymptotically stable.

Proof. From (2.39) and (2.40) we get:
§DIV < g3 (B1(V)), (2.41)

as shown in lemma (2.4.1) that V(¢,z(¢)) is bounded by the unique nonnegative solution
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of the scalar differential equation:

SDIF() = —pa (8" (F1)),  FO) = V(0,2(0)), (2.42)

it follows from zj is an equilibrium point of (ngz(t) = ¢(t,z), g € (0,1)) then ¢(t, z) =0, then
f() = 0 for t > 0 if f(0) = 0, because 35! is a class- K function. Otherwise, f(f) > 0 on
t € [0,+00), it result from (2.42) that OCfo(t) < 0. The same idea in the proof of Lemma
(2.4.1) is applied and gives:

£t < f(0), (2.43)

for t € (0, +o0). Then the asymptotic stability of (2.42) is proved by contradiction.

Case 1: Assume that there exists a constant ¢; > 0 satisfying:

SDYf() = =p3 (85" (f (1)) =0, (2.44)

which implies that
SDIf(t) = SDIF(H) = =Bs (B3 (F(1), (2.45)

for any t > t;. z = 0 is the equilibrium point ong’Zf(t) =P (ﬁgl(f(t))). Then f(t)=0fort>#h
if f(t)=0.
Case 2: Suppose that there exists a positive constant ¢ such that f(t) > ¢ for t > 0. Then
from (2.43) it result:

O<e<f(t)<f(0), t=0. (2.46)

After substitute (2.46) into (2.42) we get:

B3 (851 (F1)) < s (851(2))

_ (2.47)
_ B()
—Wf (0) < —lg(®),
3 (a5 (a)
here 0 <1 =" (f(o) ),
it then follows that
SDTf(H) = =Bs (B7' (F(1)) < —1g(). (2.48)
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By the same idea of the proof in theorem (2.3.1) we obtain

f(®) < fO)E,; (-1t7), (2.49)

which contradicts the assumption that f(t) > . From the both cases one and two, we
have f(t) tends to zero as t — . Because V(¢ x(t)) is bounded by f(#), it follows from

(2.39) that lim;_w z(f) = 0. n

Theorem 2.4.2. If the assumptions in theorem (2.4.1) are satisfied except replacing

oD! by (DI, then we have lim;_,« z(t) = 0.

Proof. From lemma (2.3.1) and V(t,z) > 0 it result that:

DIVt z(t) < DLV, 2(1)), (2.50)

which implies
DIVt 2(t) < oDV (E 2(1) < —Bq(IIzID). (2.51)
The same idea of the proof in theorem (2.4.1) result lim;, z(t) = 0. ]

2.5 Lyapounov candidate functions for stability of frac-

tional order system

In 2014, Norelys Aguila-Camacho et al [3] publish a paper presents a novel property for
fractional derivatives of Caputo when 0 < g < 1, which makes it possible to identify a
candidate Lyapunov function for numerous FOS, utilizing the Lyapunov direct method’s

of FO extension.
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Theorem 2.5.1. (FO extension of Lyapunov direct method).

functions &;(i = 1,3) and Lyapunov candidate function V(t,z(t)) satisfying

O01(llzll) < V(t, z(8) < da((lzll)

Let z¥1 = 0 be an equilibrium point for the FOS (2.25). Suppose that there exists class-K

(2.52)
LDVt 2(8) < =6a((l2l)
where q € (0,1). So (2.25) is asymptotically stable.
Lemma 2.5.1. Let z(t) € R be a derivable and continuous function, then:
Ya e (0,1), Vt >t % CDIZ(t) < z(t) 1, Dlz(1), (2.53)
Proof. The expression (2.53) is equivalent to:
z(t) § tz(t)— —CDq Z2(t) > 0;Va € (0,1), (2.54)
using the definition of Caputo of fractional derivative:
c i Z(T)
wDyz(t) = F(l 2 f = T)q T, (2.55)
also
1 ' x(Dx(D)
2.
f()D (t) F(l q) (t — T)q dT/ ( 56)
so, formula (2.53) can be written as
[z(£) — z(7)]2(7)
=0, .
e f (T (257

define now the auxiliar variable {(7) = (t) — z(t), which suggests that {'(7) = dﬁﬂ =

dz(0)
dt *
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Then, expression (2.57) can be expressed as

1 ' {()C(n)

dt <0,
Irl-q J,, t—1)

an integration by parts of Expression (2.58) give us:

du= (O @dr u= 20
q

—_— 1 — — — _ — _1
B r(1—q)(t o = F(l—q)(t 07
Expression (2.58) can be expressed as
C(1) & q L)
B [ZF(l —q)(t—1) } et ’ [2r(1 “oG-n)y| T wa-g W (F—nr >0,

(2.58)

(2.59)

(2.60)

the first term of (2.60) contain an indetermination at = = ¢, so we analyze the corre-

sponding limit.

20 1 EW-P 1 [P0 -2020+20)]

e A== ~ 2T =) B (—ap A(A=g) (t— 1)

since the function is derivable, applying the I'Hopital rule as follow:

1 [ - 22t)r) + (7)) 1 [22(8)2(0) + 22(0)2(0)]
im = lim
2I(1 —gq) ™t (t-1)7 2T'(1 —g) >t —q(t — )11
_ 1 22020 - 220l - 07
T M- q) ot q -

then we can reduce (2.60) to:

C% q t CZ(T)
201 = q) (t = to)’ * 2I(1 —q) Jy, (t=7)7H 120,

so the formula (2.60) is clearly true, and the proof ends here.

0,

0
OI
2.

61)

(2.62)

(2.63)
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Remark 2.5.1. Lemma (2.5.1) is still valid when z(t) € R", So:

Vge(0,1) ,Vt=>ty: % DIz (H)z(t) < z'(¢) § Dlz(t) (2.64)

The idea of the proof is the application of lemma (2.5.1) after decomposing the expres-

sion (2.64) into a sum of scalar products.

Corollary 2.5.1. Consider the FOS:
LDjz(t) = ¢(t), 4 €(0,1), z(t) € R, (2.65)
where z¢1 = 0 is the equilibrium point, if the next condition is satisfied
z(Hp(z(t) <0, Vz, (2.66)

so the origin of (2.23) is stable.
And if:
z(H)p(z(t) <0, Yz #0, (2.67)

so the origin of (2.23) is asymptotically stable.

Proof. Let the following positive definite Lyapunov candidate function:
1 2
Vi(z(t)) = 52 (t), (2.68)

The lemma (2.5.1) give us:

- DIV(z(t)) < z(t) Dlz(t), (2.69)

to "t

if z(t)p(2(t)) < 0, so z();Djz(t) < 0, and the fractional derivative (2.69) of the Lyapunov
candidate function outcomes negative semidefinite. Using the comparison principle [45],

this implies that V(z(t)) < V(z(0)), Vz.

52



“+CHAPTER 2. NOTIONS OF FRACTIONAL DYNAMICAL SYSTEMS AND ITS CHAOS
DETECTION

2 = 2 ! !

expression (2.70) give us the conclusion that the origin of (2.65) is stable in the sense of
Lyapunov, in accordance with the definition of stability in the sense of Lyapunov [38].
If z(Hp(z(t)) < 0 for all z # 0, then z(t)ngz(t) < 0, and the fractional derivative (2.69) of
Lyapunov function results negative definite.

Given the relation between the class-K functions in [44] and positive definite functions,
it can be concluded through theorem (2.5.1), that the origin of (2.65) is asymptotically

stable. [

Remark 2.5.2. When the system (2.65) is vectorial, i.e. z(t) € R™, the corollary (2.5.1)
is still valid.

The idea of the proof'is to Apply the lemma (2.5.1) and choosing a Lyapunov candidate
function defined by V (z(t)) = 32" (Hz(t).

Example 2.5.1. We aim in this example to study the stability of the following 3—D system

using a fractional Lyapunov function:

“Dixy(t) = =x3 — 225 + x2x3,
CDlxy(t) = x1 — 23 — x1x3, 2.71)

“Dlxy(t) = x122 — x3 — x3.

Let’s define the following Lyapunov function:

(x%+x§+ %xﬁ), (2.72)

N~

V(x1,x0,x3) =

which is a positive definite function on R3,

applying the fractional derivative of Caputo on (2.73) and the lemma (2.5.1) , we get:

V(x1,%0,x3) = (%x% + x% + %xZ), (2.73)
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1 1
CD?V(xl,xz,x3) t) = CD?(Ex% + x% + zx%),

1 1
2Ci,2 , Ci.2 4 2Cyi,2
< > Dix] +~Djx; + > Dix3,

< X1CD?X1 + ZXZCD?XZ + X3CD'ZX3, (2 74)
< xl(—xi’ — 2xp + x2X3) + 2xp(x1 — xg — x1x3) + x3(x1%0 — xg - X3),
< —x‘l1 - 2x‘21 - xé - xi,

<0, V(xl,xz, X3) * (0, 0, 0),

from (2.74), CDLZV(xl,xz,x3) (t) is strictly negative definite on R®, then (0,0,0) is asstmptot-

ically stable equilibrium point of the system (2.71).

The figure (2.2) depict the evolution in time of the system (2.71) with initial conditions

x1(0), x2(0), x3(0) = (3,1, -1) and fractional order g = 0.98.

X, (1), K) K1)

20 30 40 50 60 70 80 90 100
Ti mes

Figure 2.2: Evolution in time of the states x1,x, and x; of the system (2.71).

54



“+CHAPTER 2. NOTIONS OF FRACTIONAL DYNAMICAL SYSTEMS AND ITS CHAOS
DETECTION

2.6 Detection Of Chaos

2.6.1 History and development of chaos

The roots of chaos theory occured in the late 19th century with the work of the mathe-
matician and physicist Henri Poincaré who studied the three body problem in celestial
mechanics and he was trying to understand the motion of three interacting celestial
bodies under the influence of gravity. Henri Poincare discovered that even seemingly
simple systems like this could exhibit complex and unpredictable behavior over time.
Also, he introduced the "butterfly effect" or "sensitive dependence on initial conditions",
which suggests that small variations in initial conditions can lead to vastly different
outcomes on the behavior of nonlinear dynamical systems. The study of chaos theory
began in the 1960s and 1970s with the work of mathematicians and physicists: Edward
Lorenz, Mitchell Feigenbaum and Robert May. In 1963, the meteorologist Edward Nor-
ton Lorenz made a significant contribution to chaos theory with his work on weather
prediction models. Edward Lorenz discovered that small changes in initial conditions
could lead to drastically different weather forecasts, which he famously referred to as
the "butterfly effect ". in the late 1970s, Mitchell Feigenbaum made important discover-
ies related to chaos theory where he found that in certain nonlinear dynamical systems,
there exist universal constants ( called Feigenbaum constants ) that govern the transi-
tion to chaos. These constants played a crucial role in understanding the onset of chaos
in various systems. From 1980 to 1990, chaos theory was gained widespread recogni-
tion across various fields, including mathematics, physics, biology, economics, and even
the social sciences. As a consequence, the researchers began applying chaos theory to
a wide range of phenomena, from fluid dynamics to population dynamics to the behavior
of financial markets. Since the late 20th century, research in chaos theory has continued
to advance, with new discoveries and applications emerging in fields such as network
theory, complex systems science and cryptosytems. It is necessary to detect chaos in
nonlinear dynamical systems, we reminder in our work some methods such Lyapunov
exponents and the binary 0 — 1 test. The diagram of bifurcation or the spectral entropy

analysis are used to show also the chaos in the system. We present here a briefly descrip-
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tion of those methods. We use these methode to detect chaos in deterministic systems

in the last chapter.

2.6.2 Definitions, properties and chaos transition scenarios

There is no universally accepted definition of chaos that has was associated with an it-
erative application formally introduced by Li and Yorke in 1975, where they established
a simple criterion for chaos in one dimentional differences equations. So, the chaos in

the sense of Li-Yorke is defined as follows:

Definition 2.6.1. [51]
Let S = [0,1] is the unit interval, a continuous map ¢ : S — S is a chaos in the sense of
Li-Yorke if there is an uncountable set O c S such that trajectories of any two points

distinct y,x in Q are proximal and not asymptotic, that is

lim infd (¢"(y), 9" (x)) = 0and lim supd (¢"(y), " (x)) > 0. (2.75)

Remark 2.6.1. The need for uncountability of Q in this definition ( that is not in a gen-
eral compact metric space, but for continuous maps of the interval) is equivalent with

the condition that Q contains two points, or that S is a perfect set ( that is nonempty,

compact and without isolated points).

In the sense of devaney, the chaos is defined by:
Definition 2.6.2. [51] A continuous map ¢ : U — U ( where U be a set ) is said to be
chaotic on U if:

* ¢ is topologically transitive: for any pair of open non-empty sets V,W c U there

exists a & > 0 such that ¢-(u) N W # @.
* The periodic points of ¢ are dense in U.

* ¢ has sensitive dependence on the initial conditions: 3p > 0 such that, Yy € U and any

neighborhood M of y, there exists a x e M and an m > 0 such that (dp’”(y) - gb’”(x)| > p.
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Remark 2.6.2. Chaotic phenomena are not random but we can said that they obey

to deterministic laws.

The chaotic phenomena have characterized by basics properties, which are: the nonlin-
earity, the fractal structure and strange attractors.
Among possible scenarios of transition to chaos we have: the intermittence to the chaos,

the doubling of the period and the scenario via the quasi-periodicity.

Quantification of chaos

In order to quantify chaos, we can use one of the following methods, reconstruction of
the phase space, bifurcation diagrams, Lyapunov Exponents, 0 -1 test, Spectral entropy
and Cp—complexity. As a point of view, the spectre of Lyapunov is the first robust method
from them since its rich information about system behavior, the bifurcation diagrams is
the second robust method, the other methods are used to confirm the results obtained

from the spectre of lyapunov and of bifurcation diagrams.

Bifurcation diagrams

Henri poincare in his work is the first one who report the notion of bifurcation of a dy-
namical system. The bifurcation means a structural change in the orbit of a dynamical
system. The study of bifurcation is concerned with how the structural change occurs
when the parameter of the system are changing. The structural change and the transi-
tion behavior of a system are the central part of dynamical evolution. The point at which
bifurcation occurs is known as the bifurcation point. The behavior of fixed point and the
nature of trajectories may change dramatically at bifurcation points. The characters of
attractor and repellor are altered, in general when bifurcation occurs. The diagram of
the parameter values versus the fixed points of the system is knownas the bifurcation
diagram. There are many type of bifurcation such that: saddle-node, pitchfork, trans-
critical, supercritical hopf, subcritical hopf and homoclinic and heteroclinic bifurcations,
see in details the previous types with examples in [34]. In our work in the application

chapters, we use the numerical simulation to plot the bifurcation diagrams, we found in
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the most case a succession of bifurcation fourche ( doubling period or its inverse). This
method contain some negatives under the plot of diagrams likes time of execution, it
take a long time to plot the diagram, especially in the fractional cases when the bifur-
cation diagram is influenced by the memory effect of the system. So we opt in the first

position to calculate the Lyapunov exponents.

2.6.3 Lyapunov Exponents

Alexandre Lyapunov has developed a quantity to measure the divergence of trajectories
that are close at the start, this quantity is called "Lyapunov exponent" which is often
used to determine whether a system is chaotic or not. For a continus DS we should
discritize our system after start calculating the Lyapunov exponents.

The fundamental idea of Lyapunov is that adjacent trajectories of a fixed point, or any
other point, are attracted or repelled at an exponentially fast rate. This gives a mean
value at the rate of exponential growth for neighboring orbits of a map ¢ : E — E move
apart. If the map exhibits sensitive dependence on initial conditions then the distance
between the neighboring orbits should increase exponentially. This would necessitate an
average exponential rate that is positive and diverging from nearby orbits; as a result,
a positive Lyapunov exponent is indicative of chaos. Let’s consider a one-dimensional
map Ymu+1 = ¢ (ym) With yo and y, + 6 are two neighboring initial points. The M th step of
iteration have the form yo — ¢ (yo) and (yo +6) — M (yo + 6),6 present a small quantity.
A is a number depending on the initial point y, and it is defined in the limit M —  as

lim M = Tim oM (yo + 6) — M (VO))'

M- M—oo 1)

(2.76)

evidently, 6 » 0 as M — . A is a number which called the Lyapunov exponent. Evidently,
the dynamics of a system is said chaotic if the number A > 0 and it is said non chaotic

or regular if A < 0. Let’s entering the logarithm in Eq. (2.76), we obtain the following
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formula for A :
116" 0+ 0) ¢ ()
&

A = lim
M—>oo
50 (2.77)
dpM :
= im0 gy 0] = Jim. gy () )]

we use the chain rule of differentiation, we get the formula:

(M) (o) = (& (™)) (vo)
= (¢ (") o) - (™) (o)
= ¢ (" 0) - (¢ (672)) o) - (%) (o)
= ¢ (" () @ (0" W) - @ (0™ W0)) - ¢’ (& (W0)) - ¢’ (o),

(2.78)

considering ¢* (yo) = wV¥k€ Z, ie, vi=¢ W), v2=¢* (o) =P (1), ys = P> (Yo) = ¢ (v2), .-,

we write (2.78) as:

(M) (v0) = &' (yat-1) - &' (yra2) - &' (yma-s) - (v1) - & (o)

M-1 (2.79)
= qb, (}/i)/
i=0
then,
N-1 1 M-1
A= lim —In gf ()| = hnrgoﬁgln )|, (2.80)

it is necessary to highlight that A have a dependence on the initial condition y,. As a
consequence, for a given initial condition y, and provided the limit exists, the Lyapunov

exponent A or A(yp) of ¢ is obtained by:

M-1
1 ,
A:Aﬁlﬂo]\_/[;m o (i) (2.81)

Our aim now is to present the method of Lyapunov exponents in the systems of higher
dimension.

Let’s a system of dimension m defined by:

Ym+1 = (P(ym) s Ym € ]le (282)

59



“+CHAPTER 2. NOTIONS OF FRACTIONAL DYNAMICAL SYSTEMS AND ITS CHAOS
DETECTION

select a point y in the system’s phase space. Let M(y), a small neighborhood of y,, choose
also another point yo+ Ay, in M(yo), Ayo is the separation of the neighboring v, and yo+Aye.
Note that ( yo and yy + Ay, ) correspond to two orbits of the system during iterations.
Let vo, y1, Y2, .-, Ym, ... and yo + Ayo, y1 + Ay1, y2 + Aya, ..., ym + Ayp, ..., are respectively the
successive points on the orbits , where y; = ¢(yi-1) and y;+Ay; = p(yi1+A,, ), i=1,2,..., M,....
Consequently, the successive neighboring points ( yy and y,+ Ay, ) have a the separations

between them on the orbits which given by:

R

A = ¢(yo + Ayo) - ¢(vo) D (vo0)Avo,

Ay» = ¢y +Awy) d(y1) =~ Do(y1)Ay,

A = A - ~ D Ao,
Y3 . O(y2 + Ayr) P(y2) D(y2)Ayo (2.83)
Aym—r = P(ym—2+Aym—2) — Pym—2) = DP(ym-2)Aym—2
=~ Do(ym-1)Aym-—1

Ayy = oym-1 +Aym-1) —  d(ym-1)

here D¢(yi)mxm is the jacobian matrix of the map ¢ at the point y;. Consequently, the

separation Ay, at the M th iteration is given by:

Aym = DP(ym-1) DO(Ym-2) - DP(y1) DP(yo)Ayo = Dm Ayo, (2.84)

here Dy = Dp(ym-1) DP(ym—2) - .. DP(y1) Do(yo) , is an m x m matrix depends on M and yp.
The separation between two neighboring orbits at the M th iteration is determined by
the initial separation Ay, and the matrix Dy;. Due to the multidimensionality of the phase
space, the eigenvectors of the matrix Dy must be introduced as a natural basis for the
vectors’ decomposition in the phase space . We can get the eigenvectors e(M) of Dy, from
the folowing formulla:

Duei(M) = v;(M)e;(M),i = 1,2,..., M, (2.85)
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e;(M) and v;(M) are depends on M. We choose the eigenvectors generally orthonormal and
if they are not orthonornal, we use the technique of GramSchmidt orthonormalization
in order to make them orthonormal. The quantities v;(M) represents the eigenvalues of

the matrix Dy which we use the caracteristic equation to determine them.
det (Dy — v(M)I) = 0, (2.86)

Inxm represent the identity matrix. We obtain m eigenvalues from equation (2.86) . The
initial separation Ay is obtained by the following formula by assuming in terms of the

basis vectors ¢;(N).
n

Ayo =Y cei(N), (2.87)

i=1
¢ 's represents the coordinates of Ay in the basis e¢(M). By substitute (2.87) into (2.84),

we obtain:

M
AyM = DMZciei(M) = ZCjDMej(M) = Zcivi(M)ei(M), (288)

m m
i=1 i=1 i=1

itis evident from (2.87) and (2.88) that v;(N) of the coefficient matrix Dy characterizes the

separation of the orbits along the i th direction. We can find the Lyapunov exponents by

utilizing the exponential rate of orbital separation. Let A; denote the Lyapunov exponent

along the i th direction. So

[0:(M)] = "M for large M, (2.89)
this suggests
1 .
Ai = A}IILI; i In(lo;M))),i=1,2,...,m. (2.90)

The equation (2.90) gives us an estimation of the Lyapunov exponents for the multidi-
mensional systems. The Lyapunov exponents are negative, zero as well as positive. A
positive Lyapunov exponent signifies that we have a chaotic behavior. It should be noted

that the number of Lyapunov exponents is equal to the dimension of the phase space.

Kaplan York dimension

Among the measures of complexity in chaotic systems we have the dimension of Kaplan-

Yorke, it isemphasized that the systems that have the largest dimension of Kaplan-Yorke
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(KYD) are the systems that have the more complex behavior than the others [15].

Definition 2.6.3. (Kaplan York dimensione [56])

Let iy a positive integer such that:
Aj=0and )’ 1;<0, (2.91)

the dimension of Kaplan and Yorke is then defined by the following relation :

230:1 Aj

. 2.92
Mo (2.92)

DKY = i0+

Definition 2.6.4. (Dimension of Mori)
Let my be the number of Lyapunov exponents that are zero, m, be the number of positive
exponents, A, the average of the positive exponents, and A_ the average of the negative

exponents. The Mori dimension is given by the following relation:"

Dm:mo+m+(l+ A ) (2.93)

|

In the following table the different possible cases are given after the calculation of Lya-

punov exponents.

State Attractors | Dimension Lyapunov Exponent
Equilibrium point Point 0 Ay -2 <A1 <0
Periodic Circl 1 AM=0and A, <--- <A, <0
Period of ordre 2 Torus 2 AM=A=0and A, <---< A3 <0
Period of ordre 2 k-Torus k M=-=A=0and A, <--- <Ay <0
Chaotic Not integer Ay>0and Y A; <0
i=1
Hyperchaotic Not integer AM>0,A,>0and ), A; <0
i=1

Table 2.1: Lyapunov Exponenents and dimension
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2.6.4 Spectral Entropy Analysis

By using the correlation algorithm, meaning by the complexity of chaotic dynamical
systems the degree of a chaotic sequence close to random sequence [46]. It is necessary
to say that the more a sequence is close to the random sequence is the greater the
complexity. The complexity is one of the tools that is used to characterize the dynamics
of chaotic systems, its usage is similar with the bifurcation diagram and the LE. There

are various ways to define the SE, we choose the following algorithm:

Spectral Entropy Complexity Algorithm

A step by step description of the spectral entropy complexity algorithm is given below.
Using the Shannon entropy, we can use the Fourier transform to create an energy dis-
tribution and find the associated spectrum entropy [46].

Step 1: Let AM(m),m =0,1,...,M — 1 define a chaotic pseudo-randomness sequence where
its length is M. In order for the spectrum to more effectively reflect the energy informa-
tion contained in the signal, we must first eliminate the DC (Direct Current) component

of AM using the formula below:
1 M=
a(m) =a(m)— i ; where [ = i mzzoa(m) (2.94)

Step 2: Applying now to the sequence A(n) a discrete Fourier transform.

M-1 M-1
A(k) = Z a(n)e Ik = Z a(m)W!, where k=0,1,2,...,M—-1. (2.95)
m=0 m=0

Step 3: We calculate in this step the relative power spectrum. Paserval’s theorem is
used to take and calculate the first half of the sequence for converted A(k). The power

spectrum’s value at one of its frequency points is given by:

pk) = $|A(K)|2, where k=0,1,2,...,M/2 -1, (2.96)
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so, the relative power spectrum of the sequence is:

’ 1AxR) s M/2-1
p=t® AL AP gyoh that Y pe=1 (2.97)
Pt LYMETARR LM AR)R k=0

Step 4: Calculate now the spectral entropy. The Shannon entropy and the relative power
spectral density P, are used to calculate the spectral entropy se.

M/2-1

se = — 2 Py InP;, (2.98)

k=0

take caution if that is P, = 0 then we define P, InP, = 0. It can be shown that the spec-
tral entropy value converges to In(M/2). In order to facilitate comparison, the spectral

entropy SE is normalized by:
se
In(M/2)"

SE(M) = (2.99)

It is evident that a non-uniform distribution of the sequence power spectrum leads to
a signal with a distinct oscillation pattern and a simpler sequence spectrum structure.
Here in this case, the SE measure is smaller, which implies that the complexity is smaller.

If not, the complexity is larger.

2.6.5 The 0-1 test

In this subsection we will present another method to quantify chaos in a deterministic
dynamical systems, this method was introduced in 2003 by Gottwald and Melbourne
[17]. The authors have illustrated in their publication that unlike the usual method of
calculating the maximum exponent of Lyapunov, the method is applied directly to the
data of the time series (temporal) and does not require the reconstruction of the phase
space, also the dimension and complexity of the dynamic system do not matter to the
method. Changes to the 0 -1 test algorithm are proposed in [17, 32, 19].

Starting with the description of the 0 -1 test :
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Let the following system:

O.(m+1)=6:.(m)+c,

ac(m + 1) = a.(m) + Y(m) cos(0.(m)), (2.100)

,Bc(n +1) = ,Bc(m) + lyl)(m) sin(0.(m)),

where m = 1,2,---. After the resolution of the system ( 2.100) using the theory of the

difference equations and we choose a constant ¢ > 0 and we get the following system:

0.(m) = cm
ac(m) = . (j) cos(0(7) (2.101)
L

ﬁmm=iwmmm&m>
=

Where: ¢ is a strictly positive arbitrary constant, (m) is the observable of the determin-
istic dynamical system. The nature of the trajectory behavior in the (a — ) plane gives

us the nature of the dynamical system tested.

 If the trajectories in the plane (« — ) are bounded then the dynamic system tested

is regular (stationary).

 If trajectories in the (a« — g) plane behave asymptotically as a Brownian motion then

the dynamical system tested is chaotic.

Remark 2.6.3. The method is independent of the shoice of , for example if y =
(1, Y2, ---,Yn), SO the choice y(y) = y1 is possible and simple, we can choose also Y(y) = ya,
or Y(y) = y1 + y3. indeed, there is a lot of possibility of choice. just we shoul choose an

observable which depend on the other states in order to garantee that are all forme

the Bronian motion.
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Calculates the mean square deplacement

For a time series of observations (j) wher j = 1,--- ,M, calculate the mean square dis-

placement M.(m) of the two variables a.(m) and B.(m) defined in ( 2.101):

z

M) = lim 23" (@ + 1) = ) + Bl + 1) = l)F) (2.102)

-
I
—_

if the trajectory behavior in (@ — ) is Brownian, that is to say that the dynamical system
tested is chaotic then M, increases linearly compared to m. If the trajectory behavior in
the (a—p) plane is bounded, that is to say that the dynamical system tested is non chaotic

then M.(m) is nonlinear. For each ¢ € [0,IT], then:

M (m) = V(e)m — Vose(c, m) + €(c, m), (2.103)

where the error e(c, m)/nm — 0 as m — oo uniformly in ¢ € [0, 7] and

— cos(mc)

1
_ 2
Vose(e,m) = E(§)"—— cos(@) (2.104)
such that
1 M
E@(y) = lim — Zl v (),
j=
the form ( 2.103) defines the modified mean square displacement D(m):
D(m) = M.(m) = Vosc(c, m). (2.105)

Remark 2.6.4. The autocorrelation function for the observation y(j) is given by:

p(k) = EQ)p(k + 1)) = (E@))*, k=0,1,2,---, (2.106)

then V(c) is given by

+00 m—1
i . 1 ijc :
V= Y &p() = lim —E| }" Fy())

k=—o0 =0

2

. (2.107)

To calculate the asymptotic growth rate K we can use the correlation method or the
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linear regression method.

Linear regression method

One can determine K numerically by means of the linear regression of logM(m) compared

to log(m) So the asymptotic growth rate K is given by the formula [17, 19]:

log M(m)

K = lim , (2.108)
m—oo  log(im)
to avoid the negative logarithm we can calculate:
1 1
K = lim log(M(m) +1) (2.109)

m—oo log(m)

Correlation method

The correlation method for calculating the asymptotic growth rate is defined by the

median value of the correlation coefficient K [20] :

K = median(k,), (2.110)
where
cov(E, A)
K= —————€[-1,1], (2.111)
voar(&)var(A) [ :
such that
5:(1/2/"'/mcut) (2112)
and
A= (DC(l)/ DC(Z)/ e /Dc(mcut))/ Meyt = round(M/lO). (21 13)

The variance and covariance are defined for the y and x length vectors § by:

B
cooly, ) = 5 ) (0() - D) -, (2.114)
j=1
1 B
where 7=g Y y(j), and var(y) = cov(y, ). (2.115)
j=1
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The rate K takes a binary value 0 or 1 which distinguishes whether the dynamical system
tested is chaotic or not chaotic. If K ~ 0 means that the dynamic is not chaotic. If K =1

means that the dynamic are chaotic.

Remark 2.6.5. When comparing the presented test to the exhibitor method Lyapunov,

there are a few advantages. These advantages include:

1. Without requiring the reconstruction of the phase spaces, the test is applied di-
rectly to a temporal series. By doing this, all potential difficulties with choosing

the delay or diving dimension are avoided.

2. Because this test is binary (with outputs of either 0 or 1), conclusions can be
concluded definitive on the behaviour of the system. For example K = 0.01 indi-
cates that the dynamic is not chaotic, while this value for the largest exponent of

Lyapounov leaves us in doubt.

3. Inspection of trajectories in the (a — ) plane provides a simple visual test to con-

clude whether the dynamics is chaotic or not.

Conclusion 2.1.
The fundamental ideas of fractional dynamical systems and their use in chaos detec-
tion were examined in this chapter. In the framework of fractional-order systems, we
first defined dynamical systems and investigated the stability of equilibrium points. In
order to describe the long-term behavior of fractional systems, the idea of generalized
Mittag-Leffler stability was presented as an essential extension of stability theory. Ad-
ditionally, we talked about the Fractional Lyapunov Direct Method, which uses class K
functions to look at system stability. This method provides a framework for examining
the stability of fractional-order systems, which includes identifying potential Lyapunov
functions that can be used as instruments for stability analysis. Lastly, the topic of de-
tecting chaos in fractional dynamical systems was covered, including information on

how these systems may behave chaotically and how to spot it with the right instru-

ments and techniques.
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CHAPTER 3

METHODS OF
SYNCHRONIZATION OF
FRACTIONAL DYNAMICAL
SYSTEMS

3.1 Definition and different methods of synchroniza-

tion of FOS

3.1.1 Intuitive definition of synchronization

We consider car drivers at a racetrack so that the first rider is going at 100 km/h and the
second rider is going at 120 km/h. We want the drivers to go with the same speed in the
rest of the race. For this, the driver of the first car can increase its speed from 100 to

120 km/h, the driver of the second car can also reduce its speed from 120 km/h to 100
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km/h and the first could increase its speed by about 110 km/h, while the second rider
would reduce its speed to 110 km/h. The process in which driver change their speeds
to the same speed of the other driver in order to going with the same speed is called
synchronization of the speed of the cars, and the process in which drivers decreeze or
increase their speeds is called speed control. In the other hands, the synchronization in
the oxford dictionary mean the fact of happening at the same time or moving at the same
speed as something else. Generally, synchronization is a way of maintaining a periodic or
chaotic movement. Synchronizing two dynamic systems means that each system evolves
according to the behavior of the other system in the following subsection we give the

mathematical definition of synchronization.

3.1.2 Mathematical definition of synchronization

A first attempt to define a synchronized movement was presented in [8]. In [9], Brown
and Kocarev give a generalisation of the definition given in [8]. To construct the defini-
tion, they assume that a dynamical system, global, finite-dimensional and deterministic

is divisible into two subsystems:

dx(t
20 = di(x,y, 1),

o (3.1)
% = (PZ(]// X, t)/

where, x € R” and y € R" are vectors that can have different dimensions. Let ¢ (X) a
global system trajectory given by (3.1) with the initial condition X, = [xo, yo] € R” x R".
For each subsystem a trajectory is formed 1, (Xo) et i, (Xo) ( X, being a given initial con-
dition).

Note by C the space of all trajectories of the first subsystem, and by n the space of all
trajectories of the second subsystem, and consider two functions (properties)

fr : xR —> R® and f, : n xR - R®, which are not identically null, the first R represents
time, we say that the functions, f, and f,, are properties of the subsystems defined by
(3.1) respectively. Finally, to define a synchronized state, Brown and Kocarev [9] require
a function X(fx, fy) :R® x R® — RS such as [y| =0 or [y| = 0, (where |- | is any norms).

We say that the x, which is time independent, compares the measured properties on the
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two subsystems. Both measures are appropriate over time if and only if x (gx, gy) =0. With

these preliminaries, [9] proposes the following definition for synchronization:

Definition 3.1.1. Subsystems in equations (3.1) are synchronized on the trajectory of
Y (Xo), compared to the properties f. and f,, if there is an instant independent of the x

application such as ')( (fx,fy)‘ =0.

Definition 3.1.2. Subsystems in equations (3.1) are synchronized with f, and f,, if there
is an instant independent of the x application such as ‘)( (fx,fy)‘ = 0on all trajectories. With
the choice of f., f, and x we can determine the type of synchronization. This approach

leads to the idea that there are different types of synchronization that could be engaged

in the same formalism.

Theorem 3.1.1. The master system and the slave system are synchronized if and only

if all Lyapunov exponents of the slave system, called conditional Lyapunov exponents,

are negative.

3.2 Some type of synchronizaion

In this section, we introduce some types of synchronization namely Full ( complete )
synchronization (CS), anti-synchronization, delayed synchronization, projective synchro-
nization (PS), generalized synchronization (GS), Q-S synchronization, adaptive synchro-

nization, FSHPS synchronization and IFSHPS.

3.2.1 Complete synchronization or Full synchronization

We consider a master ( drive ) chaotic system represented by:

DIX(t) = ¢(X(1)), (3.2)
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where X(t) is the state vector of the master system of dimension m, ¢ : R"” — R", D7 is the
fractional derivative in the sense of Caputo, and the slave (response) system represented
by the following formula:

DIY(t) = p(Y(1)) + U(D), (3.3)

where Y(t) is the state vector of the slave system of dimension n,1 : R* = R", U = (1;),_, m €
IR™ determine the control vector and D7 is the fractional derivative in the sense of Caputo.

The complete synchronization error is defined by:
e(t) = Y(t) — X(t) such that tlim le(t)] =0, (3.4)
—+00

where ||.|| the Euclidean norm. We destinguish two cases:

1. If ¢ = ¢, the relationship between (3.2) and (3.3) is called an identical full synchro-

nization.

2. If ¢ # ¢, the relationship between (3.2) and (3.3) is called a not identical full syn-

chronization.

Therefore, the synchronization (CS) corresponds to a complete coincidence between the

state variables of the two synchronized systems.

3.2.2 Anti synchronization

Theoretically, we said that two systems are anti-synchronized if the master system and
the slave system have identical state vectors in absolute value but with opposite signs
and on the other hand, the sum of the state vectors of the two systems tends towards
zero when time tends towards infinity [1]. The anti synchronization error can be defined
by:

e(t) = Y(b) + X(b). (3.5)

3.2.3 Delayed synchronization

The researchers found that two different chaotic dynamic systems can expose a syn-

chronization phenomenon in which the dynamic variables of the two systems become
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synchronized, but with a time lag [10]. It is said that one has a delayed (or anticipated)
synchronization if the Y(t) state variables of the slave chaotic system converge to the X(¢)
state variables lagged in time of the master chaotic system as indicated by the relation-
ship below:

tliﬂllo [Y(t) — X(t - 7)| = 0,YX(0), (3.6)

with 7 is a very small positive number.

3.2.4 Projective synchronization

We have a projective synchronization if the state variables y;(t) of the slave chaotic system
Y(t) = (yi(t))1<icry in (3.3) synchronize with a multiple constant of the state x;(t) of the master

chaotic system X(t) = (x(f)); <<, in 3.4, such as [?]:
3&: # 0, lim [lyit) - Exi(t)]| = 0,Y(x(0), y(0)),i = 1,2,....,m, (3.7)

in (3.7) we destinguish according to the value of & the following cases:
1. If all &; are equal to 1, the case represents the complete synchronization.

2. If all ¢; are equal to —1, the case represents the complete anti-synchronization.

3.2.5 Generalized synchronization

Generalized synchronization is considered a generalization of complete synchronization,
anti-synchronization and projective synchronization in the case of chaotic systems of dif-
ferent dimensions and models [59]. So, we consider a couple of master-slave systems
represented by:

Definition 3.2.1.

DIX(t) = p(X(t)), (3.8)
DTY(t) = p(Y(H) + U,

where X(t) € R", Y(t) € R" are the states of the master system and the slave system,

respectivelyt, ¢ : R" — R"”,¢ : R* — R", D7 is the fractional derivative of Caputo and
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U = (n;);., € R™ is a controller to be determined.

Definition 3.2.2. If there is a function ® : R" — R", such that all trajectories of the

master and slave systems, with the initial conditions x(0) and y(0) verify:
Jim [Y(#) = ©X(EI = 0, ¥x(0), y(0), (3.9)

then, the master-slave systems ( 3.9 ) synchronize in the generalized sense with respect

to the function ©.

3.2.6 QS synchronization

Q-S synchronization is considered a generalization of all previous synchronizations [28].
We will say that a master system X(t) with m-dimensional, and a slave system Y(t) with
n-dimensional, are in Q-S synchronization in the dimension 6, if there is a controller

U = ())1<i<, €t deux fonctions Q: R” —» R’ S : R" — R® such as the synchronization error
e(f) = Q(X(£)) - S(Y(1)), (3.10)

verifies

lim Jle(t)l =0, (3.11)

3.2.7 Adaptive synchronization

Consider the master and slave systems described by [47].

X =g(x) + G(x)Q,
y=f(y+FyP+U,

(3.12)

where y € R",x € R" are the state vectors in slave system and master system, respec-
tively; g(x) is an m x 1 matrix and G(x) is an m X p matrix in master system. In the same
way, in slave system, f(y) is an m x 1 matrix and F(y) is an m x g matrix. Note that Q € R7

and P € R? are uncertain parameter vectors.
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We have to give firstly the following lemma which will be utilized throughout our design-

ing process for the stability analysis.

Lemma 3.2.1. [29]

If g,¢ € Lo, and fg € L, for some p € [1,0), then g(t) — 0 as t — co.

The synchronization error is defined as e(t) = y(t)—x(t), describe the parameter estimation

error in more detail as Q(t) = Q — O and P(t) = P — P. Then we get the error as:

€=y—x=f(y) - gx) +Fy)Q—-Gx)P+ U
=F(y)Q(t) — Gx)P(t) + (U + f(y) — g(x)
+ F(y)Q - G(x)P)

=F(y)Q(t) - G)P(t) + U,

(3.13)

where U = (U + f(y) - g(x) + F(y)Q - G(x)P). Achieving synchronization and identifying the
unknown parameters are our two main objectives. Using the common quadratic form,

we create the next positive definite Lyapunov function:

Vi(e) =€'e/2,

Va(P,Q) = (POT(P(1) + (QHT(QM) /2,

(3.14)

and V = Vi(e) + Vo(P, Q). Now, differentiating V along the error trajectory (3.12) gives:

V =" (F(y)Q(t) = G)P(®) + T) + Q) Qb + P(H) P(t)

(3.15)
= e"U + e F(y)Q(t) + Q1) Q(H) — e’ G(x)P(t) + P(t)"P(),
Additionally, if we choose
U = —Ke,
Q) = -Q = -F'(y)e, (3.16)

P(t) = —P = GT(x)e,

After that, we can get V = —Ke? < 0, where K are predefined positive controlling gains.

Since V(0) and V(t) are bounded. As a consequence, from (3.12), the parameter estimates
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and the state trajectories are also bounded, i.e., y, x,¢, P, Q€ L.
From (3.15) we know that for t € [0, +0), &(t) exists and is bounded . From V = —Ke? < 0,
we get

e __lfw' L
LG(T)CZT— % J, VdT—K(Vo Vo), (3.17)

where Vj = V(e(0), P(0), Q(0)). The equation above shows that ¢ € L,. Based on the outcome
of Lemma (3.2.1), we can conclude that e(t) - 0 as t — oo, which implies that the syn-
chronization would eventually be achieved. In addition to that, this in turn also sugests

that Q(t), P(t) = 0 as t — co.

3.2.8 FSHPS synchronization

Consider the master system (3.18) and the slave system (3.19) defined by:
DI xi(t) = HX(®)), (3.18)

Dl yi(t) = Z bijy(t) + gi(Y(#) + 1, (3.19)

=1

where:

ob;j € Myuxm(R),

oX(t) = (x1,x2,...,xn)" @and Y(t) = (1, v2,...,ym)" are the states vecors of systems (3.18) and (3.19),
of;, gi : R" — R™ are nonlinear function,

o0 <p;qi <1,

eD’i and D% are the caputo fractional derivative,

oni(i=1,2,...,m) are controllers to be designed.
(3.20)

Now we can give the definition of (FSHPS) as follow:
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Definition 3.2.3. Full State Hybrid Projective Synchronization ( FSHPS ) occur in the
synchronization between the master system (3.18) and the slave system (3.19) if there

exist controllers n;,i = 1,m and given real numbers (bi]») o such that the synchronization

1<i,j<

error are given by:

eit) = yilt) - Z bixi(t),i=1,...,m, (3.21)
j=1

satisfy lim;_, e €(t) =0, fori=1,2,...,m.

3.2.9 IFSHPS synchronization

Consider the master system (3.22) and the slave system (3.23) defined by:

“Di'xi(t) =

m
j=1

aijxj(t) + fi(X()), (3.22)

DI'yi(t) = gi(Y() + s, (3.23)
where:

oa;;j € My (R),
oX(t) = (x1,x2,..., %) and Y(¥) = (y1, v2, ..., ym)' are the states vecors of systems (3.22) and (3.23) ,
¢f;,gi : R" — R are nonlinear function,
o0 <p;qi <1,

eDPi and D% are the caputo fractional derivative,

eni(i =1,2,...,m) are controllers to be designed,
(3.24)

Now we can give the definition of (IFSHPS) as follow:
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Definition 3.2.4. Inverse Full State Hybrid Projective Synchronization (IFSHPS) occur
in the synchronization between the master system (3.22) and the slave system (3.23) if
there exist controllers n;,i = 1,m and given real numbers (aij>1<ij<m such that the synchro-
nization error are given by:
ei(t) :x,-(t)—Za,-]-yj(t),i =1,...,m (3.25)
j=1
satisfy lim;_, e €(t) =0, fori=1,2,...,m.
Example 3.2.1. We consider the slave system given by:
SDI'x(t) = o(y — x) + sv + vy,
SDPy(t) =rx—y—xz+0y,
(3.26)
SDPz(t) = xy — bz + vy,
§DPz(t) = —x — ov + vy,
and the master system given by:
SDI'x(t) = —ax —ey?,
SDPy(t) = by — kxz, (3.27)
SDPz(t) = —cz + mxy,
the state error between (3.27) and (3.26) of FSHPS is defined by:
3
€i(t) =yi - (Z Eijxj),i =14, (3.28)
j=1
this yield:
3
CD?iGi(t) ZCDT% —CD'Z'(Z cgi]‘x]‘),i =1,4, (3.29)

=1
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with respect to (3.29), then the error system between the slave system (3.27) and the

master system (3.26) result as:

Dl'er(t) = o(y — x) + 50+ 01 —(D'Zl(énxl + 1o + 513353),

Dle)(t) =rx—y—xz+10, —‘D?Z(ézlh + Enxp + 5233(3),

we can write the system (3.30) as:

with :

the system (3.31) can be written as follows:

(3.30)
Dl es(t) = xy — bz +v3 —C[)?3(531x1 + Exx0 + 5339(3),
Dley(t) = —x — 00 + vy —®?3(531X1 + X + 533X3)f
3
(“{);71 e(t) = (Z bljej) + Ry + Vo,
=1
3
C[)?lez(t) = (Z b2]€]') + R2 + Vz,
=1
! . (3.31)
Dies(t) = () byjes) + Rs + V3,
=1
3
(thi4€4(t) = (Z b4]€j) + Ry +Vy,
=1
4
Ry = —ax —ey* - (Z bljej) —%?1(511361 +&nxo + 513xa),
=1
4
Ry =by —kxz — (Z szEj) _CD'ZZ(£ZNC1 + <X + 523363)/
=1
! ) (3.32)
Ry = —cz + mxy — (Z b3]'€]’) —%?3(5319(1 +E&xxp + 5339(3)/
=1
4
Ry = —cz+mxy - (Z b4]-€]') —®?4(531x1 + &322 + 533X3)/
=1
4
Dliei(t) = (Z bijej) +Ri+Vi, (3.33)

=1
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in the compact form the error system (3.33) become:
Dle=Be+R+V, (3.34)

where B = (b;j)sxs, € = (€1,€2,€3,€1)", R = (Ri),_y3 and V = (Vi),_i3.

In order to achieve the required synchronization, let define the control law by:

4
Vi = —( —ax—ey® - (Z bljej) —CDr (511361 + X + 513x3))

j=1

V, = —(by — kxz — (Z ijej) —CD?2(521X1 + Epxo + 523363))
(o)

4
V3 = —( —CZ+mxy — (Z bgjej) —CD’Z3(531x1 + E3x0 + 533){3)) - (
j=1

C3]'€j).

3
j=1
4 4
Vy= —( - (Z b4]-ej) —CD’Z4(£41x1 + Eapxp + 543953)) - ( C4j€j)- (3.35)
=1 =

]

Theorem 3.2.1. The FSHPS occurs between the master system (3.27) and the slave
system (3.26) under the control law defined by:

V = —R = Cg, (3.36)

where C = (¢;j) € M3(R) is feedback gain matrix selected in such way B - C is a negative

definite matrix.
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Using the FSHPS we get : B = We choose the matrix C and (&;j)3x4

as follows:

10 15 0 -1 5 1 -1
C=| -5 75 0 |and &ss=| 4 2 -3 4 |,
0 0 3 21 6 7

with the previous data , finally we obtain the error system as follows:
gDlen(t) = —2ey,
OCDTGz(t) = —5¢,,

(3.37)

SDPes(t) = —8es,

SDPes(t) = —11e3,

all eigenvalues of system (3.37) are negative (A, = -2,A1 = =5,A; = =8,A; = —11), so the
system (3.37) is asymptotically stable. Hence, the synchronization between the master

system (3.27) and the slave system (3.26) is achieved.

Conclusion 3.1.

The many approaches for synchronizing fractional-order dynamical systems (FOS)
have been reviewed in this chapter. We started by defining synchronization in terms
of fractional-order systems. After that, we looked at a number of important synchro-
nization techniques, including the CS, AS, DS, PS, GS, QS, FSHPS, IFSHPS and the

adaptive synchronization strategy.
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CHAPTER 4

STABILIZATION AND
SYNCHRONIZATION VIA
ADAPTIVE CONTROL WITH
CIRCUIT DESIGN OF SOME
FRACTIONAL CHAOTIC SYSTEMS

The aim of this chapter is to studies some new fractional chaotic systems [4, 5]. Firstly,
we introduce a 3—D chaotic system, its dynamical analysis, adaptive synchronization and
its circuit desing. Furthermore, an extention to fractional order case with stabilization
and fractional circuits design are implemented. Secondly, an hyperchaotic fractional sys-
tem is given with stabilization and fractional circuit design also implemented. finally, the

system of Ma is investigated throught the adaptive synchronization and circuit design.
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All electronic circuits are implemented to show the reliability of the proposed systems

in secure communication.

4.1 Study of the new 3D chaotic system

4.1.1 Description of the new 3-D chaotic system

Let a,B,y three positive reals parameters and xi,x;,x; are the states variables. With a
simple modification in the famous Lorenz system, we can get a new 3 —D chaotic system
as follows:

d.
% = a(xz - xl)/

‘%2 =YX1 — X2 — X1X3, (41)

d
= Brixoxs — xp — fs,

fory =35,a =10 and B = 3, the system (4.1) display chaotic behavior. From the caracter-
istic of strange attractors is that it volume in the space is null (we will confirm this idea
in the next subsections using the Kaplan York dimension), that is what we see when we
plot the phase portrait of the system (4.1). Indeed, we obtain a strange attractor with
no volume in the space and the projections in different planes (x; —x,), (x1 —x3) and (x, —x3)

in figure (4.1) and figure (4.2).

@ | (®)

150

Figure 4.1: Strange attractor and projection in (x; — x,) plane of (4.1).
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Figure 4.2: Projection in (x; — x3), (x — x3) planes of (4.1).

4.1.2 Elementary properties of the new chaotic system

The study of any dynamical system need to analyze their comportment. We need firstly
to study the nature of our system, it is dissipative or conservative, this notion is so
important and he give us a first vision regarding their structure. Also, we requisite to
calculate the equilibrium points of our system, study their stability in order to discover
their comportment. The next subsections are aims to clarivate the previous points about

the system (4.1).

Dissipative or Conservative ?

A dynamical system is dissipative if the divergence of its vector field is negative. We put

system (4.1) under vector notation as:

g1(x1, X2, x3)

X=g(X)=| gx1,x2,x3) | (4.2)

g3(x1, x2, x3)

let x a region in R® with a smooth boundary. Applying ¢; the flow of g on x we get «(t) =

¢i(x). Moreover, V(t) is the volume of k(t). Using Liouville’s theorem, we obtain:

V(t) = (V- g)dxidxadxs, 4.3)
x(t)
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with

_ 8g1 3g2 383 _
_a—x1+a—xz+a—x3_—(a+ﬁ+1)+ﬁx1xz, (4.4)

V-g

it is clear that for $ =3,y =35, =3,a =10 and x1x; < %, we obtain:
V.V < 0 which mean that the volume comprising of the trajectories as t — oo with an
exponential decay eventually shrink to zero. Finally, the asymptotic motion settles on

the attractor. As a result the novel system (4.1) is dissipative.

Lyapunov exponents and 0-1 test for detecting chaos

In this subsection we will prove the chaoticity of the system (4.1) by calculating their
IEs (figure 4.4). Using also the binary 0—1 test we calculate the rapport k and the nature
of trajectories are inspected in the plane (p —q) [19].

Numerical simulation can be implemented in Matlab and it gives us:
LE; =1.940505, LE, = 0.000099, LE; = —12.939005, (4.5)

the novel system (4.1) exhibit chaotic behavior because LE; is a positive Lyapunov expo-
nent and Zle LE; < 0. Also, using the 0 -1 test we choose the random constant (C € [0;7]),
as a consequence we find kc = 0.9968 = 1 ( figure 4.4). Moreover, a brownian motion is
obtained in (p—q) plane, which confirm the behavior obtained by the Lyapunov exponents

(figure 4.5).

a (b)
10 . : (2) : ‘ S T T SOOI Al o - T
* 3
» 5
1=
(]
S of 0.98
o
3
(@]
> ¥
[=}
c
2 -10¢ ] 0. 96
©
>
-l
-15!
-20 L L L L L L L L L L L
0 50 100 150 200 250 300 0 05 1 1.5 2 25 3
Ti me C

Figure 4.3: Evolution of (LE;i = 1,2,3) in times; plot of the rate K¢ vs C through the
correlation method.
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()

Lyapunov exponents

Figure 4.4: Evolution of (LE;i = 1,2,3) in times; Plot of the rate K¢ vs C through the
correlation method.

(b)

100 - — (X, Y, 2) =(1; 3; 35. 00001)

— (X, Y, ) =(1; 3; 35. 00002)

80 s (X, ¥, 2) =(1; 3; 35. 00003)

60 [

40

-15¢ 20t

-20 . . . . 0 . . . .
-40 -30 -20 -10 0 10 0 2 4 6 8 10
p Ti me(s)

Figure 4.5: Brownian-like trajectories are displayed in the plane (p—g); the novel chaotic
system (4.1) depict a higher sensitivity to initial conditions.

Chaotic systems are caracterized by the fact that the dimension of the attractor is
fractal, so we calculate the dimension of Kaplan-Yorke for the chaotic system (4.1) we
get:

Li+ L,
Dyy =
T L

+ 2 =2.14998093 (4.6)

The equation (4.6) suggests that the new attractor has fractal structure. Furthermore,
the systems that exhibit chaotic behavior are characterized by their sensitivity to ini-
tial conditions, to be sure we show in the figure (4.5) a higher sensitivity to the initial

conditions.
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Stability of equilibrium points

Putting the three equations of system (4.1) equal to zero, we get the following resault:

For y # 1 we have three fixed points:

[+ /422 -8By +4B2 +17F1 |
2(8-Ppy)
0
pi=|0 | and prs=| VA2 -8By +4p2+171 (4.7)
2(6-py)
0
y—1

calculating the jacobian matrix of (4.1) we obtain:

—a a 0
Df(x1,x2,x3) =| y -z -1 -x / (4.8)
‘BXZX:J, -1+ ﬁX1X3 —ﬁ + ﬁxl.Xz

throught the theory of stability of Lyapunov we obtain the results:

For Py we have :

—a a O
Df(ololo) = C -1 0 s (4.9)
0 -1 -b
so, the characteristic equation:
A+BA +(@+DA+a(l-y) =0, (4.10)

this equation give us the following eigenvalues:

_ _ —1\2 _ —1\2
A\ = (a+1) (2az 1) +40¢yl M=—p, A= (a+1)+ \/(za 1) +4ac)// 4.11)

we note that for all a,B,y € R, and y # 1 positive integers, A1,A; < 0. So we inspect the

sign of As;. Then after simple calculus, we obtain:

1. Py is a stable node for 0 <y <1 because Aj,3 <0.
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2. Py is an unstable saddle point for y >1 because Ai; <0 and A3z > 0.

For P,3 and with d = /1 + f?(y —1)?, the jacobian matrix are given by:

- o 0
1+Vd
1 -1 %o | (4.12)
1+Vd 1+Vd 1+ Vd
mr el e el Sl e

characteristic polynomial is given by:

1

/\3+(a— m(\@ﬂ)u))\z

1
(25( (\/'+1)( Vi - E) (ﬁ(y—l)Z (Vi+1)-1 )(a+1))/\

1 1 1a+1 1
(2[5( ( \/E+2) 25( (\/_”)(E\/___) 287 —(Va+ 1)( \/—_(54))1’3)
after substituting a = 10, = 3 and y = 35 we get:
1% V41617 1% V41617
P2z = ( 204 ' 204 ’34)’ (4.14)
then we get the following eigenvalues:
Ays = 1.5574 + 11.963i and Ay = —14.085, (4.15)

the equilibrium points P,3 according to Hartman Gropman theorem are unstable saddle-

focus points.

4.1.3 Comparison of the new proposed system with thirty other

chaotic systems

The dimension of Kaplan-Yorke (KYD) is one tool used to quantify complexity in chaotic
systems [?]; it is important to note that systems with higher KYD dimensions also tend
to exhibit more complicated behavior than other systems [?]. Our novel system (4.1)

is compared to other 30 chaotic systems in the table (4.6). The system that we have
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presented has the largest Kaplan-Yorke dimension, indicating that it is at least more

complicated than the other 30 systems in the table (4.6).

System of Reference KYD System of Reference KYD
1. Lorenz [20] 2.062 16. Yang el al [34] 2.112
2. Rossler [20] 2.013 17. Lassoued et al [35] 2.124
3. Chen et al [21] 2.010 18. Liel al 36] 2.105
4. Li [22] 2.112 19 . Kim el al [37] 2.033
5. Zhou et al [23] 2.007 20. Abooee [38] 2.037
6. Lii [24) 2.066 21. Qiao et al 39] 2.038
7. Sambas et al [25] 2.072 22. Deng et al [40] 2.117
8. Kapitaniak et al [26] 2.107 23. Gholizadeh [41] 2.105
9. Tigan et al [27] 2.121 24. Wu et al 42] 2.015
10. Modified Lii [28] 2.034 25. Lai et al [43] 2.091
11. Liuel al [29] 2.116 26. Su [44] 2.044
12. Liet al [30] 2.101 27. Akgul 45 2.024
13. Pan el al [31] 1.9921 28. Zhang et al [46) 2.025
14. Wei [32] 2.0528 29. Gholamin [47] 2.055
15. Xu et al [33] 2.047 30. Vaidyanathan et al 48] 2.136
31 the system (1) 2.14998093

Figure 4.6: Comparison of the proposed system and thirty other systems

Remark 4.1.1. All reference in the previous table are from [4] and not from this

thesis.

4.1.4 Dynamic analysis of the proposed system

The bifurcations diagrams and the evolution of the LLE versus the system parameters
will be used to evaluate the dynamic of our system in this section. The system (4.1)
passes from its regular case, quasiperiodic case, periodic case until chaotic case. So that
this process is repeated several times in the form of windows, we take as an example

the parameter b. Indeed, we have the following dynamics:
1. Forb =05 €[0;0.72] the dynamic of (4.1) is periodic.

2. For b €0.72;0.9] the dynamic of (4.1) is quasi-periodic.
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3. For b €[0.9;9] the dynamic of (4.1) is chaotic.

4. For b € [9;30] the dynamic of (4.1) is quasi-periodic.

b=0.5 b=0.72

50

40

30

20

Figure 4.7: The transition to chaos by period doubling where ¢ = 35, a = 10, and varying
b.

Bifurcation diagrams versus Largest Lyapunov exponent

In the following figure we plot the bifurcation diagrams and the LLEs in order to view
that the resault that are obtained by them are identical and give us the same informa-
tions about the dynamics of system (4.1), the resault of numerical simulation are shown

respectively in figure 4.9, figure 4.10 and figure 4.11.

90



+CHAPTER 4. STABILIZATION AND SYNCHRONIZATION VIA ADAPTIVE CONTROL WITH
CIRCUIT DESIGN OF SOME FRACTIONAL CHAOTIC SYSTEMS

b=1 b=3
100 T 200 T
50 100
0 0
-5 0 5 -10
b=9
200 T T T 200
100 t @ 100 +
0 : : 0
-4 -2 0 2 4 -4 -2 0 2 4
b=15 b=40
200 400
0 : : : 0
-4 -2 0 2 4 -4 -2 0 2 4

Figure 4.8: The transition to chaos by period doubling where ¢ = 35, a = 10, and varying
b.

10

Lyapunov exponents

. . . . . . . . .
5 6 7 8 9 10 11 12 13 14 15
a Bifurcation parameter a

Figure 4.9: LLEs and bifurcation diagrams of (4.1) at initial values (v1(0); v2(0);v3(0)) =
(1,2,40) with respect to a
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a— Bifurcation diagram for b
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Figure 4.10: LLEs and bifurcation diagrams of (4.1) at initial values (v1(0); v2(0); v3(0)) =
(1,2,40) with respect to b
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Figure 4.11: LLEs and bifurcation diagrams of (4.1) at initial values (v1(0); v2(0); v3(0)) =
(1,2,40) with respect to ¢

4.1.5 Identical Adaptive synchronization of the proposed chaotic

systems

In order to synchronize the system (4.1) we apply an adaptive control law with unknown

system parameters. So, the master system is given as follow:

d
% = a(vz - Ul)/

dvp

i = Y01 — 01— 0103, (416)

d
T = Buivyvs — vy — Pus,

after that we define the slave system by:

d

% = CK(HJ2 - wl) + M,

d{% = yw; — w1 — W1ws + 1y, (4.17)
dwy

T = Purwrws — wy — fws + 13,
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the slave system (4.16) and the master system (4.17) contains unknown parameters
a,p and y. Now our goal is to find the controllers 11,1, and n;.
Calculating the error of synchronization between the systems (4.16) and (4.17) is defined

as:

€1 =W1—01, €2 = Wr—0V and €3 = W3—703 implies €1 =W1—01, € = UWr—0> and €3 = W3—03. (418)

Thus, the error of synchronization between (4.16) and (4.17) result as follows:

€1 =alez —€1) + 1M,
€ = ()/ - 1)61 — W1W3 + 0103 + 12, (419)

€3 = —€3 — fe3 + f(wiwrws — v10203) + 13,

let define the adaptive control law by:

m = —ai(ex — €1) — &1€1,
M =—(y1— De1 + wiws — 0103 — &6, (4.20)

N3 = € + pr€3 — Pr(wr1wrws — v1V203) — E3€3,

where &1,&, and &; are positive constants.

Substituting (4.20) in (4.19), we get:

€1 = (@ — ar)(e2 — €1) — &€,
€ = (y —y1)e1 — &6, (4.21)

€3 = (B1 — Plez + (B — P1)(wrwrwz — 010203) — &3€3,

the estimation errors of the parameters are defined by:
€at)=a—ai(t),

egt)=p-p1 (D), (4.22)
eB)=y-y1(t),
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with respect to t, differentiating (4.22) , we get:

dey(t) _ _ daa(h)
- — T dt ’
deg(t) _ dpa(t)
=@ (4.23)
de},(t) _ _d)/l(f)
dt dat 7/

after substitution, equation (4.21) give us:

€1 = €qx(€2 — €1) — &1€1,
€2 = €)€1 — &262, (4.24)

€3 = —€p€3 + €g(W1wrw3 — V10203) — E3€3,

to achieve the required synchronization between (4.16) and (4.17), we can use a function

V, positive definite on R® to push synchronization error to zero. Hence:

(e%+e§+e§+e§+eﬁ +e72,), (4.25)

NI —

V<€1/€2/€3/€a/€ﬂr€y) =

differentiating V with respect to t, we obtain:

3
. dpy (t dyq (¢
V=- Eiel.z +é€, (elez - ef - da;t(t)) +€p (—e§ + e3(wwows — v1003) — ‘B;t( )) +e€ (elez - V;t( ),)
i=1
(4.26)
as a consequence, the parameter update law are taken by:
40 = erer-
% = —€2 + e3(wwrws — V1V,03), (4.27)
dyd;t(t) = €1€2,
putting (4.27) into (4.26), the function V become:
3
V==Y &, (4.28)

thenin (4.28), V is a negative definite function on R®. Through Lyapunov stability theory

[21], it result that €;(t) — 0 ast — oo fori =1,2,3. Hence, we have demonstrated the
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following theorem.

Theorem 4.1.1. The 3-D novel chaotic systems (4.16) and (4.17) with unknown pa-
rameters are exponentially and globally synchronized for all initial conditions through

the the parameter update law (4.27) and the adaptive feedback control law (4.20),

where &1,&, and &; are positive constants.

Numerical results and simulation

Passing now to the visualization of theoretical results using Matlab software. In or-
der to solve the required systems ((4.16), (4.17) and (4.27)) we use the Runge Kutta
method of order four with step size h = 10°8. We choose the initial conditions as fol-
lows: (01(0),22(0),03(0)) = (-5,-10,15), (w1(0),w(0),ws(0)) = (15,-20,20) and & = 10, & =
20, &3 = 30. Furthermore, the initail conditions of the parameters estemate are taken
as: (1(0), f1(0),1(0)) = (15,5, 40).

The figure (4.12(a)) depict that in less than 0.4 seconds, the synchronization errors
achieve the origine.

When we apply the adaptive control law (4.20) and the parameter update law (4.27),
the synchronization of the master system (4.16) and the slave system (4.17) is shown in

figures (4.13) and (4.12 (b).

(a) (h)
.g“’ X €€, €
g 10
~ 0 _—
)
WH'].O/ | ‘ ‘ | I I I
0 0.1 02 03 04 05 0 0.5 1 1.5 2 2.5

Time (s) Time (s)

Figure 4.12: (a) Evolution in time of the synchronization errors states between (4.16)
and (4.17); (b) synchronization between v;(t) and w(t).
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Figure 4.13: (a) Synchronization between v,(t) and w,(t); (b) synchronization between
v3(t) and ws(t).

4.1.6 Circuit design of the proposed integer chaotic system

This subsection presents an electronic circuit equivalent to our proposed chaotic sys-
tem (4.1). The electronic circuit is shown in figure (4.14) and he was designed using
the Multisim software. For q = 1, the analog circuit of the proposed 3-D chaotic system
(4.1) is implemented by adopting capacitors, resistors, analog multipliers AD633, oper-
ational amplifiers TLO84ACN. We give here the steps to design the analog circuit that is
equivalent to system (4.1).

From the first equation of to system (4.1), we have:

% = —10x, + 10x,, (4.29)

by applying the Kirchhoff law to equation (4.29) we get:

X1 = f[ —10x; + 103(2]dt

_ f [10(—x1) ; 1O(x2)]dt

4.30
= -t [(_xl) + ﬁ]dt ( )
C1 Rl Rz
_1[xn &Hz)]
T [Rl " R3; Rz @,
from the second equation of (4.1), we have:
% = 35JC1 — Xp — X1X3, (431)
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By applying the Kirchhoff law to equation (4.31) we get:

Xy = f[35x1 — Xy — X1X3]dt
= f[35x1 + (—x2) + (—x1)x3]dt

_ -1 X1 —X2 —X1X3
= [R5 i Ré + Tom ]dt (4.32)

_1 [(_xl) L X% ]dt
C2 R5 10R7

1 [& (—x1) L XX ]dt

Rs Rs R6 10R;

from the third equation of (4.1), we have:

ddi: = 3X1XQX3 — X2 — 3X3 (433)

by applying the Kirchhoff law to equation (4.33) we get:
X3 = f[3X1X2X3 — Xy — 39('3]dt

=f[3x1x2x3+(—x2)+3(—x3)]dt

:—;f[xlxzx3+(—x2)+(—x3)]dt (4.34)

l f[xle(—X3) + X7 + Xg]dt
C3

1 [&M+ X2 xs]dt
R13 10R10 Rll RlZ

finally, we obtain the follwing electrical system:

1 ([x1  Ra(= xz)]
- [[x dt,
1 C1 ,Rl "R R3
1 [[Ro(=x1) x x1x3]
== — dt, 4.35
=0 )R R " Re " 10R, (4.35)
1 [[Ryyxix2(—x3)  x2 X3 ]
X3 = — ——+ ——+ dt,
> o5 J Rz 10Ryg Ri1 Ry

the circuital components values of (4.60) are selected after identities between (4.1) and
(4.60) as:
Ry = Ry = Ry = Ryp = 1kQ), R5 = 0.285714kQ), Ry, = 3.333kQ), R3 = R4 = Rg = Rg = R13 = R14 = 100kQ2,

R6 = R11 = 10kQ, Rl() = 0333kQ, Cl =C =C3= 100nf.
(4.36)
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As can be seen from Figures 4.14, 4.15 and 4.16, the circuit simulation results and nu-

merical simulation results are consistent and show that chaotic systems have existense

physique.
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Figure 4.14:

Cicuit design in multisim of the proposed chaotic system (4.1)
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Figure 4.15: Comparison of the resault obtained from numericall simulation and cicuit
design in multisim of the proposed chaotic system in x;x, plane
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Figure 4.16: Comparison of the resault obtained from numericall simulation and cicuit
design in multisim of the proposed chaotic system in x;x; plane
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Figure 4.17: Comparison of the resault obtained from numericall simulation and cicuit
design in multisim of the proposed chaotic system in x,x; plane
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4.2 Extension to fractional case with stabilization via

adaptive control and circuit design

In this section we extend the integer proposed system (4.1) to its factional form in the
sense of Caputo then we investigate their stabilizeation throught the adaptive control.

So, we consider the fractional version of (4.1) which given by:
DI'x(t) = a(y - ),

DPy(t) =cx -y —xz, (4.37)

DPz(t) = bxyz —y - bz,

where D1 is the Caputo derivative operator, a,b,c are positive reals parameters and x, y,z
are the state variables. With a = 10,b = 3,c = 35; (41,92, 93) = (0.98;0.9; 0.98);(x(0); 1(0); z(0)) =
(1;2;20). The evolution in times of the Lyapunov exponents are depicted in (4.37) , so LEs
are given by:

Ly =2.0573; L, = —0.0012 =~ 0; L3 = —14.0377, (4.38)

so we have L; > 0, then the system (4.37) is chaotic. Indeed the Kaplan-york dimension

for this chaotic system is calculated as:

Li+ L,

Dgy =2+
K ILs|

= 2.1466, (4.39)

it is so fractional, that is confirms the characteristic of the fractional dimension of strange

attractor in our system.

4.2.1 Commensurate and incommensurate necessary conditions

for existing chaos

According to [48] a necessary conditions for the existence of chaos in a fractional chaotic

system (4.37) can be given as:
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Figure 4.18: Evolution in time of the fractional chaotic system (4.37)

If 1 = g2 = g3 = 9, a necessary condition for the system (4.37) to be chaotic is:

2 (i)

q > g tan T(A) = 07547, (440)

also in the incommensurate case the necessary condition for the system (4.37) to be
chaotic is :

b .
M mini=1largAil = 0, 4.41)

if we put q; = % we mean by M the lowest common multiple of the denominators d; and
i

A;s are the roots of:

det(diag(AM#1, \Ma2, \Mazy _ J(E})) = 0, (4.42)

for the parameter a = 3,b = 1 and ¢ = 1, the characteristic equation of the equilibrium

points E, and Es is given by:

AP0 4 194 L 31198 4 3197 £ 599.96 =0, (4.43)
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in Matlab we can obtain the roots of the characteristic equation, we found
s — 0.01226336539 = 0.00344 > 0,
Then the necessary incommensurate condition is satisfied in the new proposed fractional

system (4.37).

4.2.2 Stabilisation of the novel fractional system via adaptive
control

This section aim to design an adaptive control law for globally controlling the identical

novel fractional chaotic system with unknown system parameters. The controlled system

is given by:

DI'xr(t) = alxy —x1) + m,

DPxy(t) = cx1 — x1 — x123 + 12, (4.44)

CD[ZSJCg(t) = bX1XQX3 — Xy — bJC3 + 13,

where the parameters a,b,d are unknown and their estimates ay (t), b1 (t),d; (t), respec-
tively. We will later search an adaptive controllers 11,12, 13-

We take the adaptive control law as follow:

m = —d(xy — x1) — &1xiy,
2 = —Cx1 — +1 + x1x3 — &g, (445)

n3 = —bx1x2x3 + b.X3 + X7 — 533(3,

where &,,& and & are positive constants and 4,b, and ¢ are estimates of the system
parameters a,b, and c, respectively. In order to get the closed loop system we substitute

(4.45) in (4.44), so we get:

Dl'x1(t) = (a - d)(x2 — x1) — &1x1,
Dl'x1(t) = (c = &)x1 — &axz, (4.46)
DI x1(t) = (b = byxixoxs — (b = b)xs — Exs,
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let define the parameter estimation error as:
€ =a—4, eb:b—B, € =c—¢, (4.47)

applying the Caputo derivative of order g in (4.47), we obtain:

Dle,(t) = -Dla,
Diey(t) = -DIb, (4.48)
Diec(t) = -Dle,

after substituting (4.47) in (4.46) we obtain:

CDI'x1(t) = €a(x2 — x1) — &1,
CDI'xy(t) = ecx1 — &, (4.49)

CDT'x3(t) = epx1x2x3 — €53 — E3X3,

we aim now to adjust the parametre estimates, let’s define the following Lyapunov func-
tion:

2,.2,.2, .2, 2, 2
V(x1,x2,x3,€,,€4) = (xl +X, +x5+e; +e, + ec), (4.50)

NI~

which is a positive definite function on R°. Utilizing (4.48) and the diferentiation of the
function V along the trajectories of equation (4.49), we get:

1 1 1 1 1 1
DIV (x1,x2,x3, €a, €5, €) = ED‘?x% + ED‘ixg + Equg + Equ§ + Equi + Equf

< x1Dxq + xoDxy + x3D9x5 + e,D%e, + e, Dey, + e.De,
< x1(€a(¥2 = x1) — E131) + Xa(ecx1 — E2%2) + X3(EpX1X2X3 — €pX3 — E3X3) (4.51)

+ea(~DIa) + ep(-DIb) + e.(-De)

< —&1x2 — &2 — &322 + €,(x1x2 — X2 =€ DIA) + +ey(x102x% — x2 =€ DIb) + ec(x1x, =€ Dl¢),

in view of (4.51), we take the parameter update law as follows:

Dlat) = x1x, - X2+ &€,
DIb(t) = X1X5 — X3 + 56 (4.52)

Dlet) = x1xp + Ese,
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substituting (4.52) into (4.51), we obtain:

CD?V(el,e2,€3,ea,eb,€c) < —é%e% - égeg - ééeé - éieg - ééei - ééeé <0, (4.53)
which shows that V is a negative definite function on R, it follows that

x1() 20, x(t)—>0, x3—0, ¢—0 ¢—>0 and e. —0, (4.54)

exponentially as t — «. Hence, we have proved the following theorem.

Theorem 4.2.1. The novel fractional chaotic systems (4.44) with unknown parame-
ters is globally and exponentially stabiliized for all initial conditions by the adaptive
feedback control law (4.45) and the parameter update law (4.52), were &1,&5,&3,&4, &5, &6

are positive constants. The errors for parameter estimates e,, ¢, €. decay to zero expo-

nentially as t — +co.

4.2.3 Circuit design of the proposed fractional chaotic system
The fractional frequency domain approximation

Throught the standard integer order operators, we can devolope an approximation to
the fractional aperators. In view of circuit theory, we have the following approximation
forg=098[22]:

1 1 1.2974(s + 1125)

st 0%~ 51001125 (4.55)

where s = jw represent the complex frequency. The representation of chain ship circuit

unit is describerd in the figure (4.19).
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Figure 4.19: Chain ship unit of 4 = 0.98

Also, the transfer function between p, and p, can be obtained by the next formulla:

Ri__ . R
sR1C1+1 SR,Cr + 1
141
Co Co Ry Ry (456)
1 (CT + C_z)[s + C; +c2]

Co (s+ Rllcl)(s + R21C2)

Hoos(s) =

In equation (4.56) we get Ry = 91.1873,R, = 190.933w, C; = 975.32nF, and C, = 3.6806uF, by

putting Cy = 1uF and H(s)Cy = Using kirshof law we get the necessary value of

0.98 *
components of the circuit desigsn depicted in figure (4.20). In the following figures we
chow a simple comparisons ( see figures 4.21, 4.22 and 4.23) which proves that analog
circuit for system (4.37) is well coincident with numerical simulations. A conclusion can
be made that the chaotic behaviors exist in the fractional order system (4.37), which

verifies its existence and validity.

4.3 Hyperchaotic integer system and its circuit design

Let a,B,y,0 four positive reals parameters and x1, x2, x3, x4 are the states variables. We can

get a new 4 — D hyperchaotic system as follows:

d
% = a(xy —x1),

dx,
TE =YX = X2 — X1X3,

(4.57)

d
T = Prixgxs — xp — B,

d
T =008 + x5 + 1),
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Figure 4.21: Comparison of the resault obtained from numericall simulation and cicuit
design in multisim of the proposed fractional chaotic system in x;x, plane for g = 0.98
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Figure 4.22: Comparison of the resault obtained from numericall simulation and cicuit
design in multisim of the proposed fractional chaotic system in x,x; plane for g = 0.98
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Figure 4.23: Comparison of the resault obtained from numericall simulation and cicuit
design in multisim of the proposed fractional chaotic system in x;x; plane for g = 0.98

fory =35a =10, = 3,0 =10, and p = 10 with initiales conditions: (xi1,x2,x3,x4) = (1;2;3;1),
the system (4.57) display chaotic behavior since we have the following Lyapunov expo-
nents:

L1 =1.8963; L, = 0.0456; L3 = —9.9992; L, = —12.9372, (4.58)
We have the Kaplan York dimention as:

Li+L,

Dgy =2+
K ILs|

=2.1943, (4.59)
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which suggest that the volume of the attractors in the space is null. Indeed, we obtain
a strange attractor with no volume in the space and the projections in different planes
(x1 —x4), (x12—x4) and (x3 —x4) in figure (4.24). We use to calculate the Lyapunov exponent

10000 iterations and (x1,x2, x3,x4) = (1;20;70;10) as we can see in figure (4.25).
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Figure 4.24: Projection in (x; — x4) and (x1» — x4) plane of (4.57).
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Figure 4.25: Projection in (x; — x4) plane and Lyapunov Exponents of (4.57).

We passed now to the presentation of the proposed hyperchaotic system as an electronic
circuit. The electronic circuit is shown in figure (4.26) and he was designed using the
Multisim software. For q =1, the analog circuit of the proposed 4-D hyperchaotic system
is implemented by adopting capacitors, resistors, analog multipliers AD633, operational

amplifiers TLO84ACN. By the same previous method we obtain the follwing electrical
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system which equivalent to system (4.57):

X1 =

Xp =

X3 =

X4 =

1

1
1

2
1

C3
1

C4

X1 R4( xz)]

"R dat,
R9( 1) X2 . xm]
Rs Rs ' Re 10R7 at,

[ Ri4 x122(— xs) ]dt

(4.60)
+ =+ —

_R13 TRlo Rll Ry2
[ X121 (x1)
| 10Ryg Ris

X2X2X2

dt,
“ Rl

the circuital components values of (4.60) are selected after identities between (4.1) and

4.60 as:

Ri =Ry = R7 = Ryp = Ri5 = Ris = Rig = 1kQ,

Rs = 0.285714k, R12 = 3.333kQ),

(4.61)

Rs = Ry = Rg = Ry = R;3 = Rys = Ry7 = 100kQ, Rg = Ry; = 10kQ, Ryp = 0.333kQ,

Cl=C=C3=C0C = 100nf,

In the following figures we chow a simple comparisons ( see figures 4.27,4.28 and 4.29)

which proves that analog circuit for system (4.57) is well coincident with numerical

simulations. A conclusion can be made that the chaotic behavior exist in the fractional

order system (4.57), which verifies its existence and validity.

109



+CHAPTER 4. STABILIZATION AND SYNCHRONIZATION VIA ADAPTIVE CONTROL WITH
CIRCUIT DESIGN OF SOME FRACTIONAL CHAOTIC SYSTEMS

ome

W
o MOkQ

LR S |

SN wa

L

Cw

ok |
| TLOGAACN |-

/BN NS &

ok

o

foM—S
W

LTS

x2 R11

SRR A1 L1

D333kﬂ
000k
wd
L

o R
CE T
T TLOBACN] e TLOM

TR

by

A

1 100K

1o g

=

cmcun DESIGN cu4 hyper2

Figure 4.26:

Cicuit design in multisim of the proposed hyperchaotic system
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4.4 Extension of the hyperchaotic system to fractional

case with stabilization via adaptive control

In this section we extend the integer proposed hyperchaotic system (4.57) to its factional
form in the sense of Caputo then we investigate their stabilizeation throught the adap-

tive control. So, we consider the fractional version of (4.57) which given by:
Dl'x1(t) = alxz — x1),
D' x1(t) = yx1 — xp — x133,

(4.62)

DI x1(t) = Prrxoxs — x2 — B,

D' xi(t) = =065 + x5 + x4),

where D1 is the Caputo derivative operator, a,f,y,0 are positive reals parameters and
x,y,z,w are the state variables. With o =10, =3,y = 35,0 = 10; (41, 92; 43; 94) = (0.98;0.9;0.98;0.98);
(x1(0); x2(0); x3(0); x4(0) =) = (1;2;3;1). The evolution in times of the Lyapunov exponents are

depicted in (4.30) , so LEs are given by:
L1 =2.0442;1, = 0.0593; L3 = —10.8789; L, = —14.0681, (4.63)

so we have L; > 0, then the system (4.62) is chaotic. Indeed the Kaplan-york dimension

for this chaotic system is calculated as:

Li+ L,
|Ls]

DKY =2+ = 21934, (464)

itis so fractional, that it confirms the characteristic of the fractional dimension of strange

attractor in our system.
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Figure 4.30: Evolution in time of the LEs of the fractional chaotic system (4.57)

4.4.1 Stabilisation of the novel fractional hyperchaotic system

via adaptive control

This section aim to design an adaptive control law for globally controlling the identical
novel fractional chaotic system with unknown system parameters. The controlled system
is given by:

D'xi(t) = a(x — x1) + 11,

CD'szz(t) = X1 — X1 — X1X3 +1)2,
(4.65)

CD?SJ@(t) = bx1XoX3 — X — bxz + 13,

CDFxa(t) = —d(x + 23 + x4) + 14,

where the parameters a,b,c,d are unknown and their estimates a; (t), b, (t),c1(t),dq (1), re-

spectively. We will later search an adaptive controllers i, n2, 13, a.
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We take the adaptive control law as follow:

m = —d(xy — x1) — &1x1,
My = —Cx1 + X1 + X1X3 — &2,

3 = —bx1x2x3 + bJC3 + X7 — 53.%3,

Na = d(x] + x5 +x4) — &gy,

(4.66)

where &, &,, & and &, are positive constants and 4, b, ¢, and d are estimates of the system

parameters a, b, and c, respectively. In order to get the closed loop system we substitute

(4.66) in (4.65), so we get:

DI'xy(t) = (a - d)(x2 — x1) — &1x1,
Di'xa(t) = (¢ = O)x1 — &xxz,

DI'xs(t) = (b — byxixoxs — (b — b)xs — Eaxs,

D x4(t) = (d = d)(x> + 23 + x4) — Eaxa,
let define the parameter estimation error as:

~
~

€ =a—4a, eh:b—é, e=c—¢ € =d—d,
applying the Caputo derivative of order g in (4.68), we obtain:

Dle,(t) = -Dla,
Diey(t) = ~DIb,
Die.() = -Dle,
Diea(t) = -DId,

after substituting (4.68) in (4.67) we obtain:

DT x1(t) = €(x2 — x1) — &11,
CDTXZ(t) = €cX1 — £2x2/

D' x3(t) = epx1x2x3 — €4x3 — £33,

D' xa(t) = €a(0 + 25 + xa) = Eaxa,

(4.67)

(4.68)

(4.69)

(4.70)
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we aim now to adjust the parametre estimates, let’s define the following Lyapunov func-

tion:

2,02, .2, .2, 2, 2, 2, 2
V (x1,%0,X3,€4,€p,€c,64) = (x1 +x,+x3+x,te; +e +e; + ed) 4.71)

N —

which is a positive definite function on R8. Utilizing (4.69) and the diferentiation of the

function V along the trajectories of equation (4.70), we get:

1 1 1 1 1 1 1 1
DYV (x1,%2,%3, X4, €0, €5, €c, €4) = ED‘?xf + Equi + meg + ED‘ixﬁ + Equg + Equg + Equf + Equj
< x1Dx1 + %o Dx5 + x3Dx5 + x4 Dx4 + €,D%¢, + e, D¢y, + e.Die. + egDey
< xi(€a(x2 — X1) = E121) + Xa(ecx1 — EaX2) + X3(€pX1X2X3 — €pX3 — E3X3) + Xa(€a(X] + X5 + Xg) — E4xy)

+ea(—D]4) + ep(—DIb) + e(-DIe) + ea(-DId)

—&1x% — Epx3 — E3x% — E4x + €4(x1x2 — ¥ =C DY) + €,(x1x2x% — x2 =€ DIb) + ec(x1x, =€ Dl¢)

3 3 2 _Cpij
+eq(xxs + x5x4 + x5 =~ Dyd),

(4.72)
in view of (4.72), we take the parameter update law as follows:
DIa(t) = x1x2 — x2 + Ese,,
DIb(t) = x120%3 — x3 + Esey, 4.73)

Die(t) = x1x2 + Ese,

D?tf(t) = X3xg + XX + X5 + g€y,

substituting (4.73) into (4.72), we obtain:

CD'ZV(61,62,63,64,ea,eb,ec,ed) < —Ef 5262 5363 5464 556 - ééeb 576 - éged <0, (4.74)
which shows that D!V is a negative definite function on R, it follows that:

x({t) =0, x#t)—-0 x3—0 x—0 -0 e—0 e—0 and e; —0, (4.75)

exponentially as t — «. Hence, we have proved the following theorem.
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Theorem 4.4.1. The novel fractional chaotic systems (4.65) with unknown pa-
rameters is globally and exponentially stabiliized for all initial conditions by the
adaptive feedback control law (4.66) and the parameter update law (4.73), were
&1,&2,E3,&4,&5,&6,E7,&E3 are positive constants. The errors for parameter estimates

€4,€p,€c,€4 decay to zero exponentially as t — +oo.

4.5 The novel Fractional Order Ma System and its cir-

cuit design

A 3-D dynamic model of finance, known as the Ma system, has been reported in many
works [29, 21], and provided its systematized equations. The fractional version of this
streamlined financial system [21] is examined in this work. Let (a,f,y) = (4;20;4) three
positive reals parameters and vy,v,,vs are the states variables. We can get a new frac-

tional 3 — D chaotic system as follows [5]:
Doy (t) = —a(or +v2),

CD?ZZJz = =0y — Y0103, (476)

DPos = B+ avivy,

where D1 represent the Caputo derivative operator. In the finance system (4.76) v,
represent the interest rate, v, represent the the investment demand and v; is the price
index. Putting o, and y; (q1;92;93) = (0.98;0.98;0.98); (v1(0); v2(0); v3(0)) = (0.1;0.1;0.1).

Using Benettin-Wolf algorithm [11], the results of the Lyapunov exponents and the 0 -1
test are given by numerical simulations in Matlab with t=10000 iteration (figure (4.31)),
and are given by:

Ly =1.2726;L, = —0.00025; L3 = —6.7457, (4.77)

so we have L; > 0 and Zle LE; < 0, then the new financial fractional system (4.76) is

chaotic.
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Indeed the Kaplan-york dimension for this chaotic system is calculated as:

Lyapunov exponents and 0-1 test for Ma system

Li+Lp

Dgy =2+

=2.1892,
|Ls]

3.5

(4.78)

the 0 — 1 test give us k = 0.9976 = 1 which confirm that the system (4.76) exhibit chaotic

behavior.
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Figure 4.32: Attractor of Ma system and projection in v,v, plane

The series of figures (4.32, 4.33) depict the strange attarctor of the fractional financial

system with its projections in the planes v, —v,,v1—v3 and v,—vs. Also The series of figures

(4.34, 4.35, 4.31) depicts the variation of such system parameters and the fractional

order of the system with the three lyapunov exponents. These figures give us a deep

view how the system evolve to the chaotic behavior.
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Figure 4.33: Projection in v;v;3 and v,v; plane of Ma system
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Figure 4.34: Evolution in time of parametre a and b versus the largest Lyapunov Expo-
nent

4.5.1 Adaptive synchronization of the novel system

The goal of this section is to create an adaptive control law that will allow the identical
novel fractional chaotic system with unknown system parameters to be globally synchro-

nized. We announce the next theorem.

Theorem 4.5.1. The 3-D novel fractional chaotic systems (4.79) and (4.80) with un-
known parameters are exponentially and globally synchronized for all initial conditions

through the parameter update law (4.91) and the adaptive feedback control law (4.84),

where &1,&, and &; are positive constants.
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Figure 4.35: Evolution in time of parametres 2 and the order 4 versus the largest Lya-
punov Exponent

Proof. The master system is provided by:
Df'o1(t) = —a(v1 +vy),

Dloy(t) = =0y — yo103, (4.79)

CD{ZSU;),(t) = ﬁ + a0107,
the following is how to obtain the slave system:
DI'wi(t) = —a(w; + wy) +m,

CD(ZZZ()z(t) = —Wy — Yywws + 12, (4.80)

DPws(t) = B+ awrw2 + 13,

the slave system (4.79) and the master system (4.80) contains unknown parameters
a,p and y.

Now our goal is to find the controllers n;, 7, and ns.

Calculating the error of synchronization between the systems (4.79) and (4.80) is defined

as:

e=w;—v;,i=1,3, (4.81)
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the previous Equation implies:

Die(t) =“Diwi(t) —=“Divi(t),i = 1,3 (4.82)
Thus, the error of synchronization between (4.79) and (4.80) result as follows:
Dle(t) = aler +€) + 11,

Dler(t) = —€x + yv103 — ywiws + 1, (4.83)

Dles(t) = awiwr — v1v2) + 13,

define now the law of the adaptive control by:

m = —ai(€2 + €2) — &1€1,
M2 = €2 —Y10103 + Y1W1W3 — én6p, (484)

N3 = —a1 (W wy — v107) — E3€3,

where &, &, and &3 are positive constants.

Substituting (4.84) in (4.83), we get:

Dler(t) = (@ — ar)(e2 + €1) — Eren,
Dier(t) = (y — y1) (0103 — wiw3) — Exes, (4.85)

Dies(t) = (a — ar)(wiwz — 0102) — &3€3,

the estimation errors of the parameters are defined by:

e =a—-ai(h),
e (B)=p-p1(®), (4.86)
€y (t) = y=" ®),
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applying the operator of order g of Caputo in (4.86), we get:

Dle,(t) = -Dlaa(t),
Dley(t) = —DIpi(t), (4.87)
Dieq(t) = -Dly1(t),

by using (4.87), rewriting the closed-loop system (4.85) as:

Diei(t) = ealer + €1) — Er€1,
Diea(t) = €, (0103 — wiws) — Er62, (4.88)

Dies(t) = ea(wiws — v102) — Ez€3,

our aim now is to lead (4.88) to zero, we choose the Lyapunov function as:

(élef + 5265 + 536% + ei + e)z/), (4.89)

NI =

Vv (61, €2,€3,€q, ey) =

where V a positive function which definite on R®. Along the trajectories of the systems
(4.87) and (4.87), we apply the Caputo operator of differentiation in V to get:

1 1
Equi + Equlz/

< &1e1D%eq + &r60D€; + E3€3D%€3 + €,D%¢, + €,De,

1 1 1
CD'ZV(el,ez,e&ea,e),) = EDqkleef + EEZD‘?% + EEqueg +

(4.90)
< —&lef - &le; — &35 + € (5163% + &1€162 + E3€3Ww1 W) — 3630102 — anl(t))
+€) (&2620103 — Ene2wiws — DTy (1)),
in view of (4.90), we can put the parameter update law as:
Diay(t) = &1€3 + &re162 + Eze3w1w, — E3€3010,, (4.91)

CD?%U) = £2600103 — Er60W W3,

substituting (4.91) into (4.90), we get the closed-loop error dynamics as follows:

q 22 22 2.2
CDtV(el,ez, eg,ea,e;,) < —&fer — &56; — &365 <0,

Hence, the zero solution of the error system (4.90) is assymptoticlly stable and the
previous theorem is proved. [

121



+CHAPTER 4. STABILIZATION AND SYNCHRONIZATION VIA ADAPTIVE CONTROL WITH
CIRCUIT DESIGN OF SOME FRACTIONAL CHAOTIC SYSTEMS

4.5.2 Numerical simulation

We solve the system of differential equations (4.79, 4.80, 4.88, 4.91) using the algorithm
of Adams-Bashforth-Moulton [42] for the fractional-order system in order to validate our
findings. The initial conditions of the drive system (4.79) and the response system (4.80)
are chosen as: (v1 (0),v,(0),v3(0)) = (04,0.5,0.2), (w1 (0),w, (0), w5 (0)) = (5.4,-4.5,2.2), respec-
tively.

(€1(0),€2(0),€5(0)) = (5,-5,2), (a1 (0),B1(0)) = (5,4.5). In figure (4.36, 4.38, 4.38), the time-
history of the synchronization of states v, (t)wi(t); va(t)wa(t); v3(Hws(t), the errors of the syn-

chronization e (t);ex(t); e3(t) and the evolution of the parameters estimations are depicted.

(a)

0 100 200 300 400 500 0 100 200 300 400 500
t(s) t(s)

Figure 4.36: Synchronization between v;, w;,i =1, 2..

(a)

0 100 200 300 400 500 0 100 200 300 400 500
t(s) t(s)

Figure 4.37: (a) Evolution in time of the synchronization between v; and y; (b) Evolution
in time of the synchronization errors €;(t); e2(t); e5(t) and
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Figure 4.38: (a) Evolution in time of parameters estimation.

4.5.3 Circuit design of the proposed chaotic system

This subsection presents an electronic circuit equivalent to our proposed chaotic sys-
tem (4.76). The electronic circuit is shown in figure (4.39) and he was designed using
the Multisim software. For q = 1, the analog circuit of the proposed 3-D chaotic sys-
tem (4.76) is implemented by adopting capacitors, resistors, analog multipliers AD633,
operational amplifiers TLO84ACN. The analoge circuit can produce nonlinear equations
that are represented as the following by applying the Kirchhoff law to it where we get
the value given in (4.93).

1 ([« (xz)]
== [ [&+Zat,
1 C1 _Rl Rz
1 [ X7 X1X3 ]
=— = dt, 4.92
" c2J LRss  10Res ( )
1 M1 X1X2 ]
== | |=—+ =22 |at,
B C3 ,R5 * 10R10

the circuital components values of (2.78) are selected after identities between (4.1) and

(4.92 ) as:
Ry = Ry, = 2.5kQ),

Rss = 10kQ, Reg = 0.25kQ),
R3 = R4 = Ry = Ry = 100kQ, (4.93)
Ryp = 0.25kQ, Rs = 0.5kQ,

¢1 = ¢ = c3 = 100nf.
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Figure 4.39: Cicuit design in multisim of the proposed chaotic Ma system
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GENERAL CONCLUSION AND
PERSPECTIVES

Stabilization and synchronization of chaotic systems are very interesting topic because
they exists many problems contain these phenomena. In this thesis, we studied the stabi-
lization and the synchronization in chaotic systems. We used the Caputo sense derivative
because of its fractional initial conditions were compatible with ordinary initial condi-
tions and fractional derivative equals to zero, where we introduced two chaotic systems
and one hyperchaotic. The process of finding or creating chaotic systems depends on
proof that they have chaotic or hyperchaotic behavior using Liapunov exponents as the
basic method to give us the stability zone, the periodicity zone and finally the chaotic
zone, bifurcation diagrams and 0-1 test are also used for chaos inspection in the systems
studied in this thesis. One of the problems we encountered is that the three methods
of chaos detection are numerical methods in which we relied on the computer to find
numerical results and make simulations to read and see the results, but working in frac-
tional systems made the time to implement simulations in the computer quite long. We
used the Adams Bashfort Moulton method to solve the fractional differential equations,
after calculating the Lyapunov exponents, we calculated the Kaplan York dimension and

compared it with other dimensions of other chaotic systems, because this dimension
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“*General Conclusion and Perspectives

every time it is large, the chaotic system is stronger in encryption. Secondly, we have
demonstrated that the chaotic systems proposed are convertible into real electronic cir-
cuits, when we used a Multisim software we designate a circuit diagram representing the
proposed chaotic systems and check the validity of the results we had previously found
in numerical simulations, Comparing the results allowed us to ensure that the proposed
chaotic systems have a physical meaning. We use the adaptive stabilization and adaptive
synchronization as one of the most powerful methods, this is due to the fact that it con-
tains parameters that change at every moment which makes data hacking difficult. In
the next studies, we will move on to realistically implement these electronic circuits by
installing them in a laboratory, we will also use this proposed chaotic and hyperchaotic

fractional systems in the encryption and trasmition of the information.
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